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Abstract

Firms’ export markets are not randomly distributed and exhibit some geographic
pattern. The network literature points to a significant role played by the indirect
links within a network, i.e. between the different destination markets (Lawless, 2009;
Defever et al., 2011; Albornoz et al., 2012; Morales et al., 2014; Chaney, 2014). Firms
use their experience in previous export destinations to obtain information that help
them search for new contacts in new markets. Geographic and linguistic proximity are
two factors that can influence the success of these searches. We investigate this question
empirically by using data on the French exporters of goods and services. We look at
the probability for a French firm to enter a new market as a function of its experience
in previous markets. Our results suggest that geographic and linguistic proximity are
both positively correlated with the entry probability for the exporters of goods, while
only linguistic proximity matter for the exporters of services. However, we find that
as firms export to more markets, these two factors become increasingly important.
Both geographic and linguistic proximity matter equally for the exporters of services
as soon as firms export to at least 3 markets. For firms exporting differentiated goods,
geographic proximity always matter more than linguistic proximity in the decision by
firms to enter new markets. Our results remain similar when we control for additional
cultural and institutional factors that can explain the entry decision.
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1 introduction

The empirical literature on international trade has produced a wealth of information con-
cerning the forces that shape the structure and the direction of international trade flows. We
know from this literature that countries will trade more readily with each other if they have
higher quality institutions (Levchenko, 2007), are geographically close (Disdier and Head,
2008), share a border (Anderson and van Wincoop, 2003), share a common language (Egger
and Lassmann, 2012), host migrant populations (Rauch and Trindade, 2002; Head and Ries,
1998), are considered trustworthy (Guiso et al., 2009) or are culturally close (Felbermayr
and Toubal, 2010). Recently, Melitz and Toubal (2012) have looked at the importance of
communication and language in international trade. They argue that the use of a dummy
variable for official language fails at capturing the full impact of language on international
trade flows. In some cases, the use of an official language can be a legacy of past colonial
relationship, or the official language may be only used for administrative and judicial pur-
pose, and be little spoken by the population of the country. For instance, French is the
official language of many sub-saharan African countries, but is spoken by a small share of
the population in these countries. Most of these studies have been conducted at the macro
level under a static framework and thus they remain silent on the dynamics of international
trade flows. Little is known concerning how firms manage to overcome the institutional,
cultural, or linguistic barriers that exist between countries.

In this paper, we look at the dynamics in French export data to investigate how the
linguistic proximity between countries can help describe where firms decide to export. More
specifically, we look at the linguistic similarity between the countries where firms were at first
exporting to and the country where they decide to export next. Language is an important
aspect of the cultural identity of individuals. Lazear (1999) defines language as “the set
of common sounds and symbols by which individuals communicate.”. It follows from this
definition that language is not only about spoken communication, but also about posture,
body language or non-verbal communication. Language and culture are deeply intertwined,
and affect the degree people trust other individuals (Glaeser et al., 2000), where people
decide to migrate (Chiswick and Miller, 1994), as well as the aggregate trade flows (Melitz
and Toubal, 2012). Linguistic proximity between two countries should therefore influence
the ability of their population to communicate and understand each other. In this paper, we
argue that language can help explain where exporting firms decide to export next. Countries
that have a similar language also tend to share some cultural values such as beliefs, social
norms, or preferences. For instance, if a firm finds it profitable to export to Denmark, it
might be more likely to export to Norway or Finland in the future. These countries are
at the same time geographically and culturally very close to one another. We argue that,
controlling for the geographic proximity between countries, firms tend to exhibit a linguistic
bias in their export decision.

The recent literature on firm level export dynamics has focused on the learning-by-
exporting process to explain the emergence of networks in international trade. Empirical
evidence suggests that firms do not randomly choose their export destinations. The decision
for a firm to enter a new market is linked to its experience in other export markets. Al-
bornoz et al. (2012) propose a model of firm level export dynamics and network formation.
In their model, firms are originally uncertain about their profitability in the export market.
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An important assumption the authors make is that profits in the export markets are corre-
lated over time and across destination. Upon entry into a new market, firms uncover their
profitability and decide to stay with or leave the market. With profits correlated over time,
the firm also acquires information about its future profits in this very same market. With
profits correlated across destination, the firm acquires information on its potential profits
in other destinations. This correlation of export profits over time and destinations leads
firms to engage in what the authors call a sequential exporting. They test their model using
Argentinean customs data, and provide some evidence that primo-exporters (i.e. firms that
just started exporting to a given country) are more likely to subsequently export to a coun-
try that shares a border or an official language with their previous export markets.1 Their
paper is related to this study as we could argue that the positive correlation of profits across
destinations is higher for countries that are geographically and linguistically similar to the
firms’ previous export markets. Chaney (2014) develops a theoretical model of networks in
international trade where a firm is more likely to enter markets that are closer to its existing
trading partners. In his model, a firm can acquire new contacts in two ways. It can either
search directly from its home country, or it can use its network of existing contacts to re-
motely search for new partners. The direct search includes all the bilateral links between the
exporter and the importer. Empirically, the gravity equation has been intensively used to
study the direct search channel. The remote search links the various export markets of a firm
together. A firm uses the knowledge and information obtained through its existing contacts
to act as a “local” firm when looking for new trade partners. This means that a firm is more
likely to find partners in countries that are close to its existing contacts. Other empirical
studies on the geographic bias in the export decision of firms include Lawless (2013); Defever
et al. (2011) and Eaton et al. (2007). So far, the literature has focused on the geographic
bias of the export decision.

This paper contributes to the international trade literature in several ways. First, we
look at how linguistic proximity affects the French exporters of goods and services. Firms
exporting services should be sensitive to linguistic differences for various reasons. Most ser-
vices are extremely specific to the producer-consumer relationship and are usually intensive
in communication and live interactions. Being able to communicate in the same language
and knowing the non-verbal codes, social norms, beliefs or preferences specific to a culture
are therefore crucial determinants of the success of a producer-consumer service relationship.
Linguistic proximity should matter when looking for new contacts and also for the actual “de-
livery” of the service as well. Second, instead of looking at the linguistic differences between
the exporting and the importing countries, we look at how the linguistic differences between
the countries where a firm is already exporting can explain where the firm decides to export
next. The results suggest that after controlling for the geographic distance between the dif-
ferent export markets, linguistic proximity is positively correlated with the firms’ decisions
to enter new markets. Firms are more likely to export to countries that are linguistically
close to their previous markets. Our results are robust in controlling for other cultural and
linguistic factors (common religion, official language, share of the population speaking the

1Morales et al. (2014) use a moment inequality method to estimate the various trade costs associated
with exporting. They find that a shared border significantly reduces the cost of exporting to a new country.
However, they find a common language between export destinations does not significantly affect the cost of
entering a new market.
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same native language), institution similarities (common legal system, colonial relationship)
and other economic determinants (common currency, regional trade agreement). In the pro-
cess, we also find a greater effect of geographical and linguistic proximity for firms exporting
to many countries, as suggested by Chaney (2014). Finally, this paper contributes to the
small but growing literature on firm-level trade in services. Although scarce, this literature
agrees on a number of stylized facts: very few firms export services; exporters of services are
bigger, more productive, and pay higher wages than domestic firms; most exporters export
one service to one destination; and most of the exports are made by the top 10% of exporters.
They also find that there is some persistency in the export status. The literature has not
yet considered the existing links between the different export markets.2

In the following section, we describe the empirical strategy we use to isolate the impact of
linguistic proximity on firms’ export decisions. The data are described in Section 3. Results
follow in Section 4 and robustness checks are presented in Section 5. Section 6 concludes
and proposes possible extensions.

2 Empirical implementation

The mechanisms we want to describe are related to the recent theoretical model developed
by Chaney (2014). Chaney proposes a theoretical model to describe how firms acquire new
contacts abroad. When looking to export to new markets, firms look for contacts with whom
to establish trade relationships. Firms face two options when searching for new contacts.
They can either directly search from their home base, or use their existing contacts to
remotely search for new clients. The efficiency of the direct search can be assessed with
the traditional gravity equations. Firms will find more contacts in larger markets, and less
contacts in markets located far away from their home country. Most of the international
trade literature has focused on this channel to explain the bilateral trade flows between
countries. The gravity equation has been the main tool to investigate this (Anderson and
van Wincoop, 2003). Once firms start exporting, they acquire contacts abroad, and can use
these contacts as a way to search for new contacts. Chaney (2014) calls this the indirect
search, whereby firms use their existing network of contacts to remotely search for new clients.
The efficiency of the indirect search will also be influenced by the usual gravity forces, but
this time the gravity force will work between the countries where firms are already exporting
and the countries where firms want to export next. Furthermore, his model predicts that as
firms reach more consumers, the direct search becomes negligible and only the remote search
remains. This means that as firms reach more and more consumers (possibly in multiple
countries), they will be more likely to find new consumers through the remote search. While
we do not have direct information on the number of consumers each firm has in the export
markets, we can nevertheless see whether the remote search becomes more important as firms
export to more markets. In Section 5 we provide some evidence supporting this mechanism.

In this paper, we focus on the remote search channel, i.e. on the links between the
countries where a given firm is exporting to. We want to assess whether firms find new

2Firm-level studies on firm-level trade in services include: Breinlich and Criscuolo (2011) for the UK,
Ariu (2012) for Belgium, Conti et al. (2010) for Italy, Kelle and Kleinert (2010) for Germany, Gaulier et al.
(2011) for France and Walter and Dell’mour (2010) for Austria.
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contacts in countries that are linguistically close to their prior export markets. We know
where firms export to in a given year and where they exported to the year before. We need
to focus on the links between the different markets and see whether there is a linguistic
bias in the choice of destination markets. This mechanism is therefore at the firm×country
level. To wipe out any firm characteristic that would make firms more likely to export to
any country, we use firm×year dummies. This controls for size, productivity, managerial
skill, age, geographic location within France, etc. To control for any country characteristic
that would make any firm more likely to export there, we use country×year dummies.
This set of dummies accounts for all the traditional determinants of trade flows used in the
gravity equations: distance from France, GDP, common border, official language, and the
multilateral resistance terms (Anderson and van Wincoop, 2003). We estimate the following
equation:

Pr[Entryi,c,t = 1] = α1LinguisticProximityi,c + α2GeographicProximityi,c + (1)

α3Controlsi,c + θit + ψct + εict,

where εi,c,t is the error term, θit and ψct are firm×year and country×year dummies re-
spectively. The subscript c denotes the destination country at time t, while c′ denotes the
countries where firm i exported to in t − 1. LinguisticProximityi,c measures the linguistic
similarity between country c and the countries c′. GeographicProximityi,c measures the ge-
ographic proximity between country c and the countries c′. α1 and α2 capture the linguistic
and geographic bias in the export decision of firm i. Controlsi,c is a set of variables that cap-
ture other cultural, institutional and economic links between country c and the countries c′.
The data are described in the next section.
We define LinguisticProximityi,c as the average linguistic proximity between country c and
the countries c′:

LinguisticProximityi,c =
1

#c′

∑
c′

LinguisticProximityc,c′ , (2)

with c′ being the countries to which firm i is exporting to in the previous period. For
GeographicProximityi,c, we follow Chaney (2014) and define it as follows:3

GeographicProximityi,c =
1

#c′

∑
c′

1

distancec,c′
, (3)

where distancec,c′ is the geographic distance (in thousands of kilometers) between coun-
try c and country c′. Note that GeographicProximityi,c is inversely related to the distance
between countries. We expect it to be positively correlated with the entry probability.
We use a linear probability model to estimate equation (1). A general drawback of the
linear probability model is the possibility for predicted probabilities to lie beyond the [0;1]
interval. This should not be a concern here since we are not interested in producing any
predictions, but focus on the average marginal effects (Angrist and Pischke, 2008). Further-
more, Wooldridge (2001, chap. 15) points out that linear probability models are performing

3In Table 8, we use alternative measures for the linguistic and geographic proximity.
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well when most of the covariates are discrete variables and take only a few values, which
is the case here. The use of Linear Probability Model allows us to include an important
set of dummies, controlling for many unobserved factors which, if omitted, could bias our
estimates. In the next section, we present the data on the exporters of goods and services
and show some descriptive statistics on the correlation between the entry probability and
the linguistic and geographic proximity.

3 Data description

We use two different sources for our firm-level trade data. The first database comes from
the French Central Bank and records the exports and imports of mode 1 services by French
firms.4 Data are collected through banking declarations, or directly from the company itself5

and are available for the period 1999-2005. The database records, for each French firm, the
annual exports and imports of services by country and type of service. There are 21 different
types of services in this classification, which is slightly different from the Extended Balance
of Payments Services Classification (EBOPS). We select the exports of IT services, licence
and patents, audiovisual services and other business services. These services account for
two thirds of the total exports of services and almost 90% of the exporting firms in our
database. This leaves out the exports and imports of construction, communication (postal
and telephone fees), insurance (premia and various fees) and the services from the public
administration. We want to focus here on the services that are the most likely to be affected
by linguistic of geographic proximity. We aggregate the data at the year×firm×country level.
We start with 21,193 firms, which account for almost e11bn of exports. Since some firms may
be exporting both goods and services, we restrict our sample of firms to the pure exporters
of services. This leaves out 7,911 firms from our sample.6 Our baseline sample consists of
13,282 pure exporters of services, which account for 20% of the aggregate exports of services
from the original sample. Given the aim of this study, we need to focus on firms that export
more than one year over the period, and that export to new markets. Firms exporting only
one year or to the same country do not provide any information on the mechanisms we want
to describe. In our sample, 8,267 firms export only one year. We thus select firms that
export in consecutive years, and that export to at least one new country. This reduces the
size of our sample to 2,008 firms, whose aggregate exports amount to e1.1bn. On average
firms export to 3.7 countries (the median number is 2).7 The average probability of entering
a new market is 1.9%, and on average firms enter 1.8 new countries (the median number
is 1). The trade statistics do not provide information on the industry classification of the

4The General Agreement on Trade in Services (GATS) classifies trade in services into four Modes: mode 1
refers to cross-border trade, mode 2 to consumption abroad, mode 3 to commercial presence and mode 4 to
the temporary movements of persons. See the GATS webpage on the WTO website for further information:
http://www.wto.org/english/tratop_e/serv_e/serv_e.htm

5This concerns only the largest companies, called Déclarants Directs Généraux.
6Gaulier et al. (2011) describes the overlap in the exports of services and goods by French firms in the

manufacturing and service sector.
7These figures are much larger than what is traditionally seen in the literature. This is entirely due to

the fact that we focus on firms that export to multiple countries, and that do not leave the export market
after one year. We are therefore selecting large exporters.
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firm or on its ownership. In Section 5, we will restrict our sample to firms from the service
sector. To do this, we use the Enquêtes Annuelles d’Entreprises (EAE), a business survey.
This survey is not exhaustive, and we are only able to match the information on the industry
classification for 672 firms.

The second database we use comes from the Customs Office and records the exports and
imports of goods for each French firm at the product×country×year level. To use the same
time horizon as in the trade in services data, we select the years 1999-2005. There are two
declaration thresholds in the data, depending on whether firms are exporting to the European
Union, or outside the European Union. Exports to the EU are recorded when the yearly
exports of a firm exceed e100,000. The threshold for the exports outside the EU is lower, and
each transaction above e1,000 is recorded. In section 5, we present robustness checks where
we apply the same declaration threshold (yearly exports larger than e100,000) to all firms.
Trade flows are recorded according to the cn8 classification, which allows us to use Rauch’s
classification (Rauch, 1999) to distinguish between the exports of differentiated products, the
exports of products with a reference price (listed products), and the exports of homogeneous
goods, sold on organized markets. Empirical studies have shown that trade in differentiated
goods is more sensitive to institutions (Ranjan and Lee, 2007) or to the presence of migrant
networks (Rauch and Trindade, 2002) than trade in homogenous products. In our case,
linguistic proximity could be more important for differentiated products than for homogenous
products. Firms increasingly customize their product in order to meet the customer’s needs,
and this requires detailed information on the consumer’s preferences and tastes. Firms
exporting differentiated products may rely more on communication to acquire new contacts
and customize their products than firms exporting homogenous goods. Applying the same set
of restrictions as for the exporters of services (firms exporting more than one year, exporting
only goods, and exporting to new countries) leaves us with a sample of 61,997 firms. These
firms account for 48% of the aggregate exports of differentiated products in the raw database.
On average firms export to 6.5 markets (the median number is 3). Remember that we focus
on firms that export to new markets, and more than one year. On average firms enter 2.6
new markets in a given year (the median number is 2). In Section 5 we present results
where we restrict our sample to manufacturing firms. We use the EAE business survey for
manufacturing firms to make the selection. This gets rid of wholesale firms, whose export
behavior may be quite different from that of direct exporters (Crozet et al., 2013; Bernard
et al., 2010; McCann, 2013). The sample of manufacturing firms consists of 12,984 firms.

Data on the geographic proximity between countries (distance, presence of a border,
time-zone differences) come from the gravity database developed by CEPII.8 This database
also includes information on the religious similarity between countries. Similarities in the
religious composition of the populations in two countries is measured as the probability of
randomly selecting two individuals in two countries, sharing the same religion. Data on
the linguistic proximity and proportion of the population sharing the same native language
come from Melitz and Toubal (2012). As the religious similarity measure, the native lan-
guage similarity is the probability of randomly selecting two individuals in two countries,
sharing the same native language. This measure aims at capturing the cultural similari-

8Data are described in Mayer and Zignago (2011), and available at http://www.cepii.fr/CEPII/en/

bdd_modele/presentation.asp?id=6.
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ties that arise because of migration flows.9 The linguistic proximity measure is based on
the work by ethno-linguists and ethno-statisticians on the Automated Similarity Judgement
Program (Brown et al., 2008).10 The members of the project compared the meaning of
over 40 list-words in different languages. Using a scoring algorithm, they have been able to
transform this similarity in meanings into data useful for quantitative analysis. Melitz and
Toubal (2012) then linked countries with native languages, and produced a bilateral matrix
of linguistic proximity. This measure aims at capturing various features of the differences
between cultures that are persistent over time.

Beside linguistic and geographic proximity, we also control for various institutional and
economical factors that may influence the firm’s decision to enter new markets. The ability to
write down enforceable contracts can affect the search for new contacts. Countries sharing
the same legal system show similarities in how contracts are written down and enforced.
We use data from La Porta et al. (1999) to control for the similarity in the legal system
between countries.11 Exporters are also exposed to exchange rate movements with their
trading partners. Exporting to a country that shares a common currency with a previous
export destination alleviates this exposure, as it is common to both countries. We use data
from de Sousa (2012) on the use of common currencies between countries. Further,de Sousa
and Lochard (2011, p.554) argue that sharing a common currency reduces the currency
conversion costs; the costs incurred by maintaining separate foreign currency expertise and
it eases price decisions and comparison of international costs.12 We also control for the
growth in trade between countries. The intensification in the trade relationship between
countries may benefit the French firms that export to one of these countries. We use data on
bilateral export flows from the BACI database, developed by CEPII.13 Greater integration
between countries is also correlated with the presence of regional trade agreements. We use
data from de Sousa (2012) to control for the presence of such agreements. Finally, we use
the difference in GDP per capita between the export markets as a proxy for differences in
the demand structure. This control is motivated by the well-known Linder (1961) hypothesis
which states that trade between countries is positively correlated with the similarity of their
demand structure. Since we do not have detailed information on the structure of the demand
in each country, we use the difference in GDP per capita (scaled by the sum of the GDPs
per capita) as a proxy. The measure ranges from 0 to 1, where low values indicate small

9Cultural characteristics tend to be persistent over time, especially in migrant populations (Borjas, 1995;
Bisin and Verdier, 1998; Algan and Cahuc, 2013). Cultural transmission can be achieved through three
channels. First, there can be a horizontal mechanism of cultural and linguistic transmission. People with
different cultures and languages can learn from each other if they are located near each other. Second, there
can be a vertical mechanism of transmission, where older generations teach new generations about their
language and their cultural heritage. This mechanism reinforces the cultural identity of the individuals.
Finally, the natural environment can also influence how societies organize and how their culture may evolve,
and similar environment are generally located close to each other. See Krech et al. (1962); Welsch et al.
(1992); Shennan and Collard (2005) for studies on the contribution of these three factors to the cultural
transmission.

10Detailed information are available on the website of the project at: http://email.eva.mpg.de/

~wichmann/ASJPHomePage.htm.
11See Porta et al. (2008) for a discussion on the link between culture and legal origin.
12Dowd and Greenaway (1993, p.1188-1189) study the network externality of money, and end by suggesting

that their reasoning could be applied to language as well.
13See Gaulier and Zignago (2010) for a description of the database.
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differences in GDP per capita.
We present some descriptive statistics on the entry probability and the characteristics

the destination market shares with the previous export destinations of firms. Statistics are
presented in Table 1. In the upper part of the table, we look at firms exporting services. In
our sample, the average probability of entry is 1.9%. The first two lines show that the entry
probability is significantly higher when looking at countries with an above-sample linguistic of
geographic proximity. Firms are more likely to enter markets that are close to their previous
export market, both in terms of linguistic proximity and in terms of geographic proximity.
The entry probability is also much larger (10% and 13% respectively) for countries that share
a border, or a border and an official language respectively, with the firms’ previous export
destinations. The lower panel of Table 1 describes the entry probability for the exporters
of differentiated products. Results are qualitatively similar to the one in the upper panel.
Both linguistic and geographic proximity seem to matter in the decision of firms to enter a
new market. If anything, these stylized facts suggest that the linguistic proximity seem to be
less important for the exporters of differentiated products than for the exporters of services.
These are simple correlations however, and an econometric analysis is necessary to control
for other factors.

Table 1: Probability of entry in 2005 and cross-country characteristics
Exports of professional services

Average probability of entry 0.019
Linguistic proximity above sample average 0.032***
Geographic proximity above sample average 0.031***
Common border=1 0.103***
Common official language=1 0.029***
Common border=1 & common official language=1 0.132***

Exports of differentiated goods
Average probability of entry 0.021
Linguistic proximity above sample average 0.024***
Geographic proximity above sample average 0.033***
Common border=1 0.088***
Common official language=1 0.028***
Common border=1 & common official language=1 0.102***
Stars mean that the difference with the average probability of entry is significant
at the 1% level.

One concern that may arise from the various measures of proximity we use is that they
may be correlated with one another. Populations that are far away from each other tend
to also be culturally and linguistically different. Our measures of linguistic and geographic
proximities are based on the average similarity and average distance between the different
export markets of a firm. The use of average measures should wipe out some of the correla-
tion between linguistic and geographic proximity. Table 2 presents the correlations between
linguistic and geographical proximity, along with other culture-related variables. The corre-
lation between linguistic proximity and the proportion of individual sharing the same native
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language is very small. Similarity in the religious composition of the population between
countries is positively correlated with the linguistic proximity and the share of the popula-
tion sharing the same native language. All these correlations are statistically significant but
are small in magnitude. Linguistic and geographic proximity are mildly correlated to one
another in both samples.

Table 2: Correlation table: Firms exporting services
Exporters of services

Ling. Proxi,c Nat. Langi,c Relig. Proxi,c Geo. Proxi,c

Ling. Proxi,c 1
Nat. Langi,c -0.0852 1
Relig. Proxi,c 0.3766 0.1879 1
Geo. Proxi,c 0.2836 -0.0157 0.0874 1

Exporters of differentiated products

Ling. Proxi,c Nat. Langi,c Relig. Proxi,c Geo. Proxi,c

Ling. Proxi,c 1
Nat. Langi,c -0.0217 1
Relig. Proxi,c 0.2851 0.3391 1
Geo. Proxi,c 0.0955 0.0101 -0.0289 1

4 Results

In Tables 3 and 4 we report the results of our estimates of equation (1) for the exporters of
services and the exporters of differentiated goods respectively.

In column (1), we simply regress the probability to enter a new market on the linguistic
proximity. The correlation is not significant for the exporters of differentiated products, and
positive and significant for the exporters of differentiated products. Linguistic proximity may
capture other cultural aspects shared by the countries c′ and country c beside language. To
control for the past waves of migrations to country c, we include the share of the population
speaking the same native language. Past generations of migrants traditionally pass on some
of their cultural and linguistic heritage to younger generations. We introduce this variable
in column (2) to ensure that we are not merely capturing a correlation between trade and
migration. The results in column (2) in Table 3 show that once we control for the native
language similarity between countries, the linguistic proximity variable becomes positive and
significant In Table 4, the inclusion of the native language variable increases to coefficient
on linguistic proximity.
Next, we control for the presence of an official languages between countries c′ and country c,
and for the similarity in the religious composition of their populations. The inclusion of these
two additional controls leaves the coefficient on linguistic proximity virtually unaffected, in
both tables. The presence of an official language is positively correlated with the export
probability for the exporters of services, while the religious proximity is not. Conversely,
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for the exporters of differentiated products, the presence of an official language is negatively
correlated with the export probability, while the religious proximity is positively correlated
with it. The negative sign on the official language variable is puzzling. However, it is
important to recall that the presence of an official language is not necessarily an accurate
measure for language or cultural proximity between countries, especially once we control
for the linguistic proximity and for the share of the population speaking the same native
language.
Finally, we control for the geographic proximity between countries c′ and country c. Countries
that are far away form each other tend to have very different languages and cultures in
general. Linguistic and cultural similarity could be correlated with geographic proximity.
We expect to find a smaller coefficient on the linguistic proximity variable once we account
for the geographic proximity. This is what the results in columns (5) suggest, once we
only control for geographic proximity, and once we control for the presence of a border,
in column (6). The coefficient on linguistic proximity remains positive and statistically
significant in both tables.
It is noteworthy that in Table 3, the coefficients on the linguistic proximity and on the
similarity in native language are not statistically different from one another. They are very
different in Table 4, however. Two populations sharing the same native language tend to
share some cultural values as well (social norms, common history, similar preferences or
beliefs, higher trust). Our data do not give use much information on which cultural aspect is
captured by the Native languagei,c variable. Nevertheless, this cultural proximity seems to
matter more for the exporters of services than for the exporters of differentiated products.

Table 3: Exports of professional services: probability of entering a new market
(1) (2) (3) (4) (5) (6)

Linguistic proxi,c -0.009 0.037a 0.037a 0.036a 0.025a 0.026a

(0.008) (0.008) (0.008) (0.009) (0.008) (0.008)
Native languagei,c 0.047a 0.042a 0.042a 0.032a 0.023a

(0.004) (0.004) (0.004) (0.004) (0.004)
Official languagei,c 0.003a 0.003a 0.003a 0.002b

(0.001) (0.001) (0.001) (0.001)
Religious proxi,c 0.000 0.001 -0.000

(0.002) (0.002) (0.002)
Geographic proxi,c 0.009a 0.003a

(0.001) (0.001)
Borderi,c 0.039a

(0.003)
Observations 348,626
Nb firms 2,008
Fixed Effects Firm×Year, Country×Year
R2 0.14
Significance levels: c p < 0.1, b p < 0.05, a p < 0.01. Standard errors reported in parenthesis
are clustered at the firm-level.

In Tables 5 and 6 we control for possible omitted variable biases. We include each

10



Table 4: Exports of differentiated products: probability of entering a new market
(1) (2) (3) (4) (5) (6)

Linguistic proxi,c 0.090a 0.115a 0.115a 0.094a 0.061a 0.054a

(0.001) (0.001) (0.001) (0.001) (0.001) (0.001)
Native languagei,c 0.047a 0.047a 0.033a 0.009a 0.005a

(0.000) (0.001) (0.001) (0.001) (0.001)
Official languagei,c -0.000 -0.000b -0.001a -0.001a

(0.000) (0.000) (0.000) (0.000)
Religious proxi,c 0.018a 0.019a 0.014a

(0.000) (0.000) (0.000)
Geographic proxi,c 0.022a 0.013a

(0.000) (0.000)
Borderi,c 0.042a

(0.000)
Observations 22,027,315
Nb firms 61,997
Fixed Effects Firm×Year, Country×Year
R2 0.07
Significance levels: c p < 0.1, b p < 0.05, a p < 0.01. Standard errors reported in parenthesis
are clustered at the firm-level.

additional variable one at a time, and include them all together in the last column of the
tables.
First, we control for the historical colonial links between countries. We use a dummy which
takes the value 1 of country c had a colonial relationship (after 1945) with any of the
country c′. The coefficient on Colonyi,c is non-significant in Table 5, and only significant
in the first column of Table 6. Note that we use country×year dummies which control
for any link colonial link country c may have had with France. Therefore, the dummy
Colonyi,c captures the effect of exporting to countries that were former British colonies for
instance, or that were former Spanish colonies. In columns (2) of Tables 5 and 6, we
control for the similarity in the legal system. Writing down enforceable contacts is difficult
and costly. Countries sharing the same legal system may also show some similarities in
how contracts are enforced. The coefficient on Legal systi,c is not significant in Table 5,
while it is positive and statistically significant in Table 6. The non-significant coefficient in
Table 5 is rather puzzling given the great specificity of services in the producer-consumer
relationship. Incomplete contracts are likely to be prevalent in service transactions. However,
the legal-system dummy we use is probably not sufficient to capture the subtleties of contract
enforcement. In columns (3), we control for whether country c is located in the same time-
zone as one of the countries c′. Empirical evidence suggests that the time-zone difference
matter for FDI and trade in services (Stein and Daude, 2007; Christen, 2012). The coefficient
is however not significant in Table 5 and positive and significant in Fable 6, but very small
in magnitude. We next control for whether country c uses the same currency as one of the
countries c′ (column (4)). As described earlier, firms exporting to countries that use the same
currency saves on conversion costs, and is exposed to the same exchange rates fluctuations.
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The coefficient is positive and significant in both tables, and quite large in magnitude. On
average, for firms exporting services, the probability to enter a new market is greater by
2 percentage points. The probability increases by 5 percentage points for firms exporting
differentiated products. Next, we control in columns (5) for the presence of regional trade
agreement between country c and one of the countries c′. Regional trade agreements are
traditionally observed between countries that are show considerable economic integration.
We find a non-significant coefficient in Table 5. Traditionally, trade agreements are designed
for trade in goods, not trade in services, and a separate economic integration agreement
is needed. These number of these agreements has been growing over the past decade, but
remain small compare the the agreements covering trade in goods (Cole and Guillin, 2013).
This could why we find a non-significant result for the exporters of services, and a positive
and significant coefficient in Table 6. However, the coefficient is smaller than what we found
for the use of a common currency between countries. In column (6), we investigate whether
firms are more likely to export to countries with similar demand structure. The original
formulation of the Linder hypothesis states that countries with similar demand structure
trade more with each other Linder (1961). We empirically investigate whether this could
also hold across the countries firms export to. We define the similarity in the demand
structure between two countries as the difference in their GDP per capita, divided by the
sum of their GDP per capita. We then take the minimum value by firm and country c:

Linderi,c = min
c′

{
|GDPcapc′ −GDPcapc|
GDPcapc′ +GDPcapc

}
The larger the Linderi,c, the greater the differences in GDP per capita with country c.

The coefficient is non-significant for the exporters of services, and negative and statistically
significant for the exporters of differentiated products. Finally, in column (7) of tables 5 and
6, we control for the intensification in the trade relationship between country c and the set of
countries c′. We compute the growth rate on the trade flows between all the countries c′ and
country c. An intensification of the trade relationships between these countries could benefit
the French firms that are already exporting to one of the countries c′. Their experience in
one of the countries c′ would allow them to benefit from the increase in the trade flows with
country c. The French firms could, to some extent, “get on the same boat” as the firms
from country c′ to start exporting to country c. We do not have information on the bilateral
trade in services data for a sufficient number of countries, so we use the growth in trade
in goods across countries instead. The coefficient is non-significant in Table 5 and negative
and significant in Table 6. The non-significant coefficient for the exporters of services could
reflect the poor fit our the growth in trade in goods to proxy for trade in services. The
negative coefficient for the exporters of differentiated products is more puzzling however.
This could suggest a “crowding out” effect that leaves the French exporters out of market c.
Overall, the results remain very similar when we include all the controls together in the last
columns of the two tables.
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Table 5: Exports of professional services: probability of entering a new market
(1) (2) (3) (4) (5) (6) (7) (8)

Linguistic proxi,c 0.026a 0.026a 0.026a 0.028a 0.027a 0.023a 0.026a 0.028a

(0.008) (0.008) (0.008) (0.008) (0.008) (0.008) (0.008) (0.008)
Native languagei,c 0.024a 0.023a 0.024a 0.028a 0.025a 0.023a 0.023a 0.028a

(0.004) (0.004) (0.004) (0.004) (0.004) (0.004) (0.004) (0.004)
Off. languagei,c 0.002b 0.002c 0.002b 0.001 0.002c 0.002b 0.002b 0.001

(0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001)
Religious proxi,c -0.001 -0.001 -0.001 -0.004c -0.002 -0.001 -0.000 -0.006b

(0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.002) (0.002)
Geographic proxi,c 0.003a 0.003a 0.003b 0.001 0.000 0.003a 0.003a -0.001

(0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001)
Borderi,c 0.039a 0.039a 0.039a 0.037a 0.038a 0.039a 0.039a 0.035a

(0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.003) (0.003)
Colonyi,c 0.002 -0.001

(0.003) (0.003)
Legal systi,c 0.001 0.001

(0.001) (0.001)
Time-zonei,c 0.001 0.001

(0.001) (0.001)
Currencyi,c 0.022a 0.021a

(0.003) (0.003)
RTAi,c 0.011a 0.009a

(0.001) (0.001)
Linderi,c -0.006 -0.003

(0.004) (0.004)
∆Exportsi,c -0.000 -0.001

(0.001) (0.001)
Observations 348,626
Nb firms 2,008
Fixed Effects Firm×Year, Country×Year
R2 0.14
Significance levels: c p < 0.1, b p < 0.05, a p < 0.01. Standard errors reported in parenthesis are clustered at
the firm-level.
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Table 6: Exports of differentiated products: probability of entering a new market
(1) (2) (3) (4) (5) (6) (7) (8)

Linguistic proxi,c 0.053a 0.054a 0.054a 0.046a 0.054a 0.046a 0.054a 0.044a

(0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001)
Native languagei,c 0.007a 0.004a 0.005a 0.013a 0.004a 0.004a 0.005a 0.011a

(0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) (0.001)
Off. languagei,c -0.002a -0.002a -0.001a -0.003a -0.002a -0.001a -0.001a -0.004a

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Religious proxi,c 0.013a 0.014a 0.014a 0.011a 0.013a 0.013a 0.014a 0.010a

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Geographic proxi,c 0.013a 0.013a 0.013a 0.007a 0.011a 0.012a 0.013a 0.006a

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Borderi,c 0.042a 0.042a 0.042a 0.037a 0.041a 0.041a 0.042a 0.036a

(0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000)
Colonyi,c 0.006a -0.000

(0.000) (0.000)
Legal systi,c 0.003a 0.003a

(0.000) (0.000)
Time-zonei,c 0.000a 0.001a

(0.000) (0.000)
Currencyi,c 0.056a 0.055a

(0.000) (0.000)
RTAi,c 0.007a 0.004a

(0.000) (0.000)
Linderi,c -0.013a -0.005a

(0.000) (0.000)
∆Exportsi,c 0.000 -0.000b

(0.000) (0.000)
Observations 22,027,315
Nb firms 61,997
Fixed Effects Firm×Year, Country×Year
R2 0.07 0.08
Significance levels: c p < 0.1, b p < 0.05, a p < 0.01. Standard errors reported in parenthesis are clustered at
the firm-level.
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5 Robustness checks

In this section, we present three sets of robustness checks to assess the validity of our results.
First, we use alternative measures of linguistic and geographic proximity. The various

measures are summarized in Table 7. In our baseline regression, we use the simple average
linguistic proximity between the countries c′, where firm i exported to in the previous year,
and the potential new destination country c. Here, we use a weighted average of the linguistic
proximity between countries. The weights account for the importance of each country c′ in
the total exports of the firm. The motivation for this is that countries that account for most
of a firm’s exports should matter more in terms of linguistic proximity with a third country.
The alternative measures for geographic proximity are taken from the literature. We use the
alternative measures proposed by Chaney (2014) and Lawless (2013). Our baseline uses the
“Chaney (2014)–1” definition. The alternative measures are positively correlated with the
geographic proximity between country c and the countries c′. We therefore expect a positive
sign on GeographicProximityi,c for these measures. Finally, we use the measure proposed
by Lawless (2013), who uses the minimum distance between country c and the countries c′,
scaled by the distance between the origin country of the firm (France in our case) and
the destination country c. This definition measures how much further away is country c
from the home country (France) than country c′ is from France. For instance, the distance
between Austria and Bulgaria is the same as between Japan and North Korea (about a
thousand kilometers). Looking from France however, the distance Japan-North Korea seems
negligible compare to the distance between Austria and Bulgaria. We expect a negative sign
on GeographicProximityi,c for this last measure.

Table 7: Measures of linguistic and geographic proximity
Weighted LPi,c Weighted LPi,c =

∑
c′ LinguisticProximityc,c′ × ExportSharei,c

Chaney (2014)–1 GeographicProximityi,c = 1
#c′

∑
c′

1
distancec,c′

Chaney (2014)–2 GeographicProximityi,c = 1
#c′

∑
c′ ln(20000/distancec,c′)

Chaney (2014)–3 GeographicProximityi,c = 1
#c′

∑
c′ exp(−distancec,c′/3.5)

Lawless (2013) GeographicProximityi,c = 1
distanceFRA,c

min
c′
{distancec,c′}

We re-estimate our preferred specification (column (8) from tables 5 and 6) using alter-
natively each definition described in the previous table. We only report the coefficients on
the linguistic and geographic variables.14 The results are presented in Table 8 and are very
similar to the baseline. Regarding the exporters of services, linguistic proximity is still posi-
tive and significant, with a coefficient close to 0.028. It is significantly smaller in column (3)
when we use the measure of geographic proximity proposed by Lawless (2013), and signifi-
cantly larger in the last column, where we use the weighted measure of linguistic proximity.
This last result suggest that firms are more likely to export services to countries that are
linguistically close to their main export market (in terms of total sales). The coefficient on
geographic proximity is quite stable too. It is negative and statistically significant in the
third column. Firms are more likely to export to a new country that is close to any of their

14The other coefficients remain very similar to the baseline estimates.
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prior export markets. This last measure does not consider the number of countries firms
export to, or the importance of these countries in the firms’ network. Regarding the exports
of differentiated products, the results are not sensitive to the definition we use to measure
linguistic or geographic proximity, and remain very similar to the baseline estimates. The
coefficient on geographic proximity is significantly larger in column (3). The scales are quite
different however, so any comparison in the magnitude of the coefficients should be carefully
addressed. Indeed, when standardizing the variables, we find that the coefficients are very
similar to one another.15

Table 8: Robustness checks: Alternative measures of linguistic and geographic proximity

Exporters of Services

Chaney–2 Chaney–3 Lawless Chaney–1
Weighted LPi,c

(1) (2) (3) (4)
Linguistic proxi,c 0.029a 0.028a 0.021b 0.033a

(0.008) (0.008) (0.008) (0.007)
Geographic proxi,c -0.003 -0.004 -0.004a -0.001

(0.002) (0.004) (0.000) (0.001)

Exporters of Differentiated Products

Chaney–2 Chaney–3 Lawless Chaney–1
Weighted LPi,c

(1) (2) (3) (4)
Linguistic proxi,c 0.043a 0.044a 0.046a 0.039a

(0.001) (0.001) (0.001) (0.001)
Geographic proxi,c 0.008a 0.017a -0.004a 0.006a

(0.000) (0.001) (0.000) (0.000)
Significance levels: c p < 0.1, b p < 0.05, a p < 0.01. Standard errors reported
in parenthesis are clustered at the firm-level. Each regression includes firm×year
and country×year dummies, as well as all the control variables from Column (8) in
Tables 5 and 6.

15For the exporters of services, the standardized coefficients for the three Chaney measures are iden-
tical (equal to -0.001), while the standardized coefficient for the measure proposed by Lawless is -0.005
(significant at the 1% level). For the exporters of goods, the standardized coefficients on the Chaney–1,
Channey–2 and Chaney–3 measures are equal to 0.004, 0.002 and 0.003 respectively, and equal to -0.004 for
the Lawless measure.
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As as second set of robustness checks, we use several alternative samples of firms. The
results are presented in Table 9 In columns (1)-(3) we focus on firms exporting services.
First, we restrict our sample to firms registered in the service sector. We already limited
ourselves to firms that do not export goods, and this additional restriction gets rid of the
manufacturing firms that may also be exporting services. Results are presented in column (1).
The coefficient on linguistic proximity is much larger than in the baseline (0.050 compare
to 0.028). This suggest that service firms exporting services are more sensitive to linguistic
proximity than firms from the manufacturing sectors. The trade data we use may include
intra-firm trade flows, which could bias our results. The decision by a firm to start exporting
services could be decided by the firm’s headquarters, and be uncorrelated with geographic
or linguistic proximity.16 Unfortunately, we do not have information on the ownership of the
firms. To overcome this issue, we restrict our sample of service firms to firms with less than
100 employees, thus reducing our sample to 543 firms exporting services. The results remain
unchanged after this restriction, suggesting that they are not driven by the presence of very
large firms in the sample. Finally, in column (3), we use the full sample of firms exporting
services and restrict it to flows larger than e20,000. The size of the trade flows does not
enter into our analysis since we look only at the probability to enter a new market. However,
measurement errors or noise in the data that would translate into the presence of very small
export flows could bias our results. The results in column (3) suggest that this could indeed
be the case. The point estimate in the linguistic proximity variable is much larger than in
the baseline regression (0.042 compare to 0.028 in the baseline). Interestingly, this does not
affect the coefficient on the geographic proximity variable.
In columns (4) to (6), we use alternative samples for the firms exporting differentiated
products. In column (4), we focus on firms registered in the manufacturing sector. This
mainly gets rid of the wholesalers. This is important, as wholesalers are known for exporting
to multiple countries on behalf of other firms (McCann, 2013; Crozet et al., 2013; Bernard
et al., 2010). Their export strategy is therefore not necessarily based on their own experience,
but rather on where their clients choose to export. Results are presented in column (4). The
coefficient on linguistic proximity is not much affected by this restriction (goes up from 0.043
in the baseline to 0.05), while the magnitude of the coefficient on geographic proximity is
substantially reduced (0.006 in the baseline regression). In column (5), we further restrict
our sample to the manufacturing firms employing less than 100 workers. The results remain
very similar to the one in column(4). Finally, in column (6) we account for the differences in
declaration thresholds depending on whether firms export to the European Union or outside
the EU. We apply the same declaration threshold to all firms and select firms that export
at least e100,000 in a given year. This leaves us with 31,645 firms. The point estimates are
considerably larger, for both the linguistic and geographic proximity variables. The larger
point estimates could be driven by the fact that we are looking at larger exporter, who
export to more countries. As the next robustness checks will show, the effect of linguistic
and geographic proximity grows as firms export to more countries.

We present the last set of robustness checks in Table 11. First, we examine whether the

16Egger et al. (2014) find that German multinational firms tend set up their affiliates sequentially in
countries that are geographically and culturally close. This could drive our results if French multinational
firms behave in the same manner and we do not control for their presence in our sample.
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Table 9: Robustness checks: alternative samples

Type of export: Services Differentiated goods

Sample: Service firms Full Manufacturing firms Full

Restriction: none <100 emp. flow>e20K none <100 emp. EU threshold
(1) (2) (3) (4) (5) (6)

LPi,c 0.050a 0.049a 0.043a 0.045a 0.041a 0.077a

(0.015) (0.015) (0.009) (0.002) (0.003) (0.002)
GPi,c -0.003 -0.002 -0.001 0.002a 0.002a 0.012a

(0.002) (0.002) (0.001) (0.000) (0.001) (0.000)
Observations 132,123 95,648 277,990 5,635,789 3,855,820 1,236,873
Nb firms 672 543 1,652 12,984 9,854 31,645
R2 0.16 0.16 0.14 0.09 0.08 0.09
Significance levels: c p < 0.1, b p < 0.05, a p < 0.01. Standard errors reported in parenthesis are
clustered at the firm-level. Each regression includes firm×year and country×year dummies, as well as
all the control variables from Column (8) in Table 5. LPi,c and GPi,c stand for LinguisticProximityi,c

and GeographicProximityi,c respectively. In column (6), we restrict the sample to firms exporting at
least e100,000 in a given year.

linguistic and geographic proximity matters more for firms exporting to multiple countries.
Chaney (2014) suggest that as firms export to more countries, they tend to rely more on
the remote search to look for new contacts. We investigate this by interacting the linguistic
and geographic proximity variables with the number of countries firms export to. We only
report the coefficients on the linguistic and geographic proximity, and the interaction terms.
The other coefficients are very similar to the baseline estimates. The results are presented
in columns(1) for the exporters of services and in column (5) for the exporters of goods. The
interaction terms between the number of markets firms are exporting to and the linguistic
and geographic proximity are both positive and statistically significant. Focusing on the re-
sults on the exporters of services in column (1), we find that the total effect of the linguistic
proximity on the export probability for firms exporting to exactly one market is not statisti-
cally differen from zero (the coefficient is: 0.03=-0.29+0.26, with a corresponding p-value of
0.73). Surprisingly, the coefficient on geographic proximity is negative and statistically sig-
nificant for firms exporting to exactly one market (the coefficient is: -0.002= -0.005+0.003,
p-value=0.06). It is non-significant for firms exporting to exactly two markets, and turns
positive once firms export to at least three countries. Regarding firms export differentiated
goods, the interaction terms are both positive and statistically significant. We further inves-
tigate this network size effect by re-estimating the baseline regression for firms that export
to at least one market (the full sample in this case), at least two markets, at least three
markets, etc. We standardize the coefficients on the linguistic and geographic proximity so
that their magnitude can be compared. The point estimates measure the impact of one
standard deviation in the linguistic or geographic proximity variables on the probability to
export to a new market. The results are presented in Figure ??. We plot the standardized
coefficient on linguistic and geographic proximity along with a 95% confidence interval. In
panel (a), we focus on the exporters of services. The results suggest that as firms export
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to more markets, the geographic proximity seems to increase the probability of entry into a
new market more than the linguistic proximity. The point estimates are statistically different
from one another when firms export to more at least 4 markets. For instance, considering a
firm that is exporting to at least four markets, the average probability to export to a new
market is 3.3%. An increase by one standard deviation in the geographic proximity variable
increases the probability to export to a new market to 4.8%, while an increase by one stan-
dard deviation in the linguistic proximity variable increases the probability to export to a
new market to 4.4%. The coefficient on the linguistic proximity gets larger as firms export
to more markets, but it is also less precisely estimated. We report in Table 10 the p-value
associated with the following null hypothesis: H0: βLinguisticProximity > 0.00248 where
0.00248 is the baseline standardized coefficient. The test results indicate that the coefficients
are significantly larger than the baseline coefficient once firms export to at least 3 markets.
The results are more explicit in panel (b), for the exporters of differentiated products.17 We
see that both linguistic and geographic proximity matter more as firms export to more mar-
kets (the standardized coefficients are all statistically different from the baseline coefficient).
The geographic proximity has a larger effect on the probability to enter a new market than
the linguistic proximity. For instance, the average probability to enter a new market when
firms are already exporting to at least four markets is 2.8%. The results suggest that an
increase by one standard deviation in the geographic proximity increases the probability to
4%, while an increase by one standard deviation in the linguistic proximity increases the
probability to 3.5%.

In columns (2) and (5), we examine whether the linguistic and geographic proximity
matter when country c is far away from France. We define a dummy variable which takes the
value one if the distance between France and country c is greater than 5,000km, and interact
this dummy with our measures of linguistic and geographic proximity.18 We find that the
interaction term is not significant in column (2), suggesting that for the exporters of services,
the linguistic proximity is positively correlated with the probability to enter a new market.
Surprisingly, we find that the total effect on geographic proximity is negative for far away
countries (the total effect is -0.004 and is statistically different from zero at a 1% significance
level.). The significance of the interaction term vanishes once we look at firms that export
to at least 2 markets, however. Turning to the exporters of differentiated products, results
suggest that the impact of linguistic and geographic proximity is smaller (but still positive
and significant) when firms enter far away markets.

In columns (3) and (6), we look at demand shocks in the destination countries. We define
a dummy variable which takes the value one if the destination country experienced a growth
in GDP larger than 8% in the previous period, and interact this dummy with the linguistic
and geographic proximity variables. We remain agnostic on whether the interaction term
should be positive or negative. A positive sign would suggest that the increase in demand
in country c benefits more to the firms that are already exporting to countries close to
country c. It would reinforce the advantage that these firms already have. A negative sign
would suggest that, as the demand in country c increases, this country becomes easier to

17See figure ?? in the appendix for the corresponding graphs on the exporters of homogenous and listed
products.

18Note that the country×year dummies that are included in each regression already account for this
dummy.
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access and more attractive for any French firm. In this case, the experience firms acquire by
exporting to countries close to country c would be less important. The interaction term is not
statistically significant for the exporters of services. It is negative and statistically significant
for firms exporting differentiated products though, suggesting that the (fast) growing demand
can alleviate the lack of experience of some firms by making the market more accessible to
everyone.

Finally, we look at whether export spillovers matter in the decision to start exporting to
a new market. Krautheim (2012) develops a model where the fixed cost of exporting to a
given country is decreasing in the number of firms already exporting to this country. Koenig
et al. (2010) look at the local export spillovers in France and find that firms are more likely
to start exporting a good k to country c if other firms in their geographic neighborhood
are already export the same good k to country c. Our data do not provide information on
the location of firms. However, we have information on the industry classification of the
firms. We thus compute, for each firm, the number of firms in its industry j (defined at
the 2-digit NACE classification) that are exporting to a given market in a specific year. We
then interact this variable (Nb Exportersj,c) with the linguistic and geographic proximity
variables. A positive sign would suggest that this spillover reinforces the position of firms
that are already exporting near country c. A negative sign would suggest that experienced
firms have a weaker advantage if they decide to start exporting to country c. This spillover
would reduce the cost of exporting to country c for any firm. We find that for both the
exporters of services (column4) and the exporters of differentiated products (column 8) the
presence of a network of exporters from the same industry reinforces the correlation between
geographic proximity and the export probability. The interaction with linguistic proximity
is not significant. The point estimates are very small, however, suggesting that although
significant, the presence of exporters from the same industry has a limited effect on the
export probability of individual firms.

Figure 1: Linguistic, geographic proximity and network size – standardized coefficients

(a) Services (b) Differentiated products
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Table 10: Statistical tests – Comparison between the different coefficients of figure ??
Exporters of services

Nb Destination Markets 1 2 3 4 5 6 7 8 9 10
H0: LPi,c=GPi,c 0.00 0.11 0.37 0.07 0.05 0.02 0.03 0.10 0.10 0.27
H0: LPi,c>0.00248 1 0.14 0.01 0.01 0.01 0.02 0.02 0.03 0.06 0.03

Exporters of differentiated products

Nb Destination Markets 1 2 3 4 5 6 7 8 9 10
H0: LPi,c=GPi,c 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
H0: LPi,c>.00326 1 0.50 0.00 0.00 0.00 0.00 0.00 0.00 0.00 0.00
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6 Concluding Remarks

Firms do not randomly choose their export destinations. While most of the trade literature
has focused on the bilateral determinants of trade flows, a new strand of trade literature
has emphasized some learning-by-exporting factors. Recent empirical evidence points to a
geographic bias in the export decision of firms. Firms tend to enter markets that are close
to where they exported in the past. In this paper, we argue that firms tend to export to
countries that are also linguistically close to their previous export markets. We use firm-level
data on the French exporters of goods and services over the period 1999-2005. The evidence
suggests that, after controlling for the geographic bias in the export pattern, firms are more
likely to start exporting to countries that are linguistically close to their existing export
markets. We also find that the geographic and linguistic bias grows as firms export to more
markets, as suggested by Chaney (2014).

We remained silent, however, on the reasons behind the linguistic bias in the firms’
export decisions. We considered the existing export pattern of firms as given and focused
on where firms decide to export conditional on being an exporter. A possible explanation
is that firms have a specific “social capital”. This capital can materialize in the form of
native workers speaking one (or several) foreign language(s) or having social connections
in foreign countries, or workers from foreign origins having connections with their home
country. This social capital is not static and can grow over time. Workers can learn new
languages and firms can hire workers with new language skills. Firms can use this social
capital to increase the efficiency of their search for new contacts. Parrotta et al. (2014) find
that Danish firms employing workers from different ethnic origins are more likely to become
exporters, to export to more markets and have higher export sales per employees than firms
only employing native workers.19 This asset is firm- and country-specific and could explain
why firms choose to export to some countries rather than others in the first place.
An additional reason why firms may decide to enter new markets is that they might decide
to follow their clients overseas. The decision to enter new markets is therefore correlated
with the behavior of the firms’ clients (in France or overseas). Unfortunately, we do not have
information on the identity of the exporting firms’ clients located overseas or in France. This
could bias our estimates both ways. If the client has the same linguistic bias as the French
exporter, then we are capturing the behavior of this unknown client, and not the behavior
of the French exporter. If on the other hand, this client is exporting or setting up affiliates
in countries that bear no linguistic similarity with the French exporter’s network, this would
introduce a downward bias in our estimates. Unfortunately we do not have information on
this kind of linkage between firms and their clients.
This paper focused on the linguistic proximity, which may be capturing other cultural factors
such as trust. Bilateral data on trust is not available for a large set of countries, however. It
would be interesting to see if exporting to countries that are perceived as highly trustworthy
by some countries can generate a “trust capital” for French exporters. These exporters
would appear more trustworthy when exporting to countries that otherwise, on average, have
a lower degree of trust in French firms. The firms’ experiences with trustworthy countries

19This specific asset, i. e. the diversity of the workforce, is referred to as the “relational capital” in the
business literature. See Shoobridge (2006) for a survey on the link between ethnic minorities and business
performances.
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could help them overcome the lack of trust French exporters face with some countries. These
questions deserve particular attention and are left for future research.
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7 Appendix

Figure 2: Linguistic, geographic proximity and network size: The case of trade in homoge-
nous and listed products

(a) Homogenous Products (b) Listed Products
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