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Abstract

A large literature studies the self-selection of migrants along various skill dimen-

sions. While this literature often claims that the selection of migrants can have

large potential e�ects on welfare and inequality in origin and destination countries,

the magnitude of these e�ects is unknown. In this paper we quantify both these

e�ects for the United States and the most important countries of origin in two large

migration episodes spanning more than 120 years: the migration of Norwegians

in the late 19th century and of Mexicans in the early 2000s. We estimate non-

parametrically the degree of self-selection as the di�erence in the skill distribution

between migrants and stayers. Based on a calibrated 2-country general equilibrium

model with heterogeneous workers, we carry out a counterfactual analysis, compar-

ing welfare and income inequality under the observed selection pattern with both

measures under a neutral selection of migrants. Our �ndings suggest that migrant

self-selection is only quantitatively important if the share of migrants and the degree

of selection are su�ciently large. For migration in the late-19th century, we �nd

insigni�cant e�ects for Norway and the US, while the negatively selected migration

wave from Mexico in the 2000s signi�cantly increased per capita income in Mexico

and decreased it in the US.
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1 Introduction

Migrant selection � the question of who migrates and who doesn't � is one of the central

questions in the economics of migration. A large literature has emerged, analyzing if

migrants are self-selected from the population of the source country, and identifying the

drivers of the observed selection patterns. A claim that is often made in this literature is

that migrant selection can have important welfare consequences for sending and receiving

countries. Yet there is little evidence for the quantitative importance of migrant selection.

In this paper we put a price tag on the selection patterns of two of the largest immi-

gration episodes in the US: the migration of Norwegians in the late-19th century, and of

Mexicans in the early 2000s. Based on these, our aim is to quantify the impact of selec-

tive migration on per-capita income and income inequality in both sending and receiving

countries. In a counterfactual analysis, we compare the aggregate outcomes under the

observed migration patterns with those under a neutrally selected migration �ow, that

is, holding the number of migrants constant, but changing their skill composition.

But why should migrant selection be quantitatively important in the �rst place?

Figure 1 can give some hints. It shows the evolution of the percentage of foreign-born

in the total U.S. population during the last 160 years. The foreign-born population

peaked in 1910 and fast increased again since the 1970s, reaching levels in 2011 last

seen a century ago. Clearly, if 15% of the population are immigrants, it will matter

a great deal for the US economy what skills these migrants have. Equally interesting

will be the e�ect in the sending countries, which often saw an even greater share of

their population emigrate. Moreover, the selection pattern of migration �ows changed

considerably across sending countries and over time. For instance, in 1880 86.2% of the

foreign-born population present in the U.S. originated from Europe, with 95% of these

migrants born in northern or western Europe and being farmers and craftsmen. By 1920,

the share of Europeans in the foreign-born population had not changed, nonetheless

its composition was fundamentally di�erent from that of earlier periods: the share of

migrants born in northern or western Europe had dropped to only 52%, while southern

and eastern Europe had gain relevance as a major sending area of unskilled labor (Gibson

& Lennon, 1999). During the wave of migration that occurred in the 1990s, migrants

returned to be a substantial share of the total population, and Latin America substituted

Europe as one of the most important sending regions, with migrants being relatively low

skilled compared to the native population.

The two migration episodes considered in this paper allow us to compare the welfare
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Figure 1: Foreign-Born Population as Percentage of Total Population for the United
States, 1850 to 2010.

impact of immigrant self-selection under di�erent migration policy regimes and macroeco-

nomic conditions. Both episodes were similar in scale, with around 9% of the population

emigrating from each country, but showed di�erent selection patterns. The skill selection

of both migration �ows was fundamentally di�erent, as Figure 2 shows.1

Figure 2: Selection of Migrants, Norway 1875 and Mexico 2002

Norwegian migrants at the end of the 1800s were rather similar to the full population,

as shown by the small di�erence between the two income distributions. The migrants

appear to be middle to high wage earners, suggesting a mild positive selection. On the

contrary, the self-selection pattern of Mexican migrants in the 2000s is apparent: Mexican

migrants are drawn from the bottom part of the income distribution, an indication of

negative self-selection.

1 Section 4 explains the details on how these distributions are obtained.
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To quantify the impact of migrant selection � the fact that migrants' skills are

like the dashed line rather than the solid line � on per capita income and inequality, we

proceed as follows. In a �rst step we estimate non-parametrically the skill distributions for

migrants and the total population. For both countries, we use data that have information

on individual earnings before and after migration, which allows us to recover the wage

distribution of the total population � migrants and stayers. For Norway, our analysis is

based on a unique dataset obtained by matching the population in Norway in 1875 with

the US population in 1880. For Mexico, no such exercise is needed, as we have access to

a panel survey. The estimations give us the degree of selectivity of each migration �ow.

In a next step we use a general equilibrium model with heterogeneous workers, de-

veloped by Yeaple (2005) and Iranzo & Peri (2009), which we calibrate on the economies

of the sending and receiving countries in the late 19th and early 21st century. The ac-

tual selection patterns of early Norwegian and current Mexican migrants shown with the

dashed line in Figure 2 serve as a benchmark. To compute the welfare consequences of

self-selection, we take as a counterfactual the skill distribution of the full population in

the source country (the solid line), in which case emigrants would be neutrally selected.

The welfare impact of self-selection is then the di�erence in aggregate welfare between

the two scenarios.

To further explain the quantitative strategy, consider the 2-country example in Figure

3. Both countries are populated by high-skilled and low-skilled workers.

Let A denote the initial endowment before migration. If workers migrate from country

1 (Mexico/Norway) to country 2 (the U.S.), the endowment point moves from A towards

point C2 within the shaded area. If the new endowment after migration, lies on the

dashed line from C2 to A, migrants from 2 are neutrally selected. This situation is shown

in point B. If the new endowment lies north-west of the neutral selection line, migrants

are negatively selected, while they are positively selected if the new endowment lies south-

east of the neutral selection line. Points B' and B� denote migration �ows with the same

number of migrants as in B, but with a negative and positive selection, respectively.

Our �ndings demonstrate that migrant selection can have a sizeable impact on ag-

gregate outcomes, but only if certain conditions are met. First, the share of migrants

has to be su�ciently large relative to the reference population. The migration of 183,000

Norwegians is large relative to the 2 million Norwegians in 1880 overall, while it is very

small compared to the 50 million US citizens. Consequently selection from Norway had

zero e�ect on the US economy, while it had mild e�ects on the Norwegian economy.

The impact of migrant selection from Mexico shows a second necessary condition
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Figure 3: Migration from country 1 to country 2. A: initial endowments without migra-
tion.

to �nd a large e�ect: a su�ciently large degree of selectivity. The welfare e�ect in the

2000s was economically signi�cant on both sides. Under the current economic conditions,

the fact that 10 million Mexicans who moved to the US are highly negatively selected

increases income per capita in Mexico by 2.5%, while it decreased US income per capita

by 1%. We �nd, however, an insigni�cant e�ect on real wage inequality.

While these e�ects may not seem large at �rst glance, the implications of the results

are important for smaller source countries, which often have extremely high emigration

rates, and a high degree of selectivity. Moreover, the di�erent e�ects in the source and

receiving countries point to an important coordination problem in the design for migration

policies. If the sending country is smaller than the receiving country, then emigration

mechanically causes larger population changes in the sending country, leading to larger

welfare e�ects. This mechanism, combined with the opposite direction of the e�ect for

sending and receiving countries, means that selective immigration policy in the receiving

country can impose large negative externalities on the source countries.

This paper speaks to two strands of the migration literature. As goes without say-

ing, it pushes forward the research frontier of the burgeoning literature on migrant self-

selection. While most of this literature quanti�es the degree of selectivity and identi�es

some of its determinants for a large number of countries, our paper gives an indication

whether migrant selection is a merely demographic phenomenon, or whether it actually
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has an impact on welfare.2

A more recent literature aims at quantifying the aggregate impact of migration for

natives in the receiving country, or globally. Turning back to the Edgeworth box in

Figure 3, these papers either compare the observed state of the economy, say B', with

a situation in autarky A (Di Giovanni et al., 2012), or with a further opening of all

migration restrictions, which would push the economy further towards C2 (Felbermayr &

Kohler, 2007; Iranzo & Peri, 2009; Clemens, 2011; Docquier et al., 2012; Kennan, 2013).

Our paper is related to these, as we also perform a counterfactual exercise based on a

calibrated model, but the underlying thought experiment is conceptually di�erent. We

keep the number of migrants constant and just vary their skill distribution. As our results

show, even this change in the skill distribution can have a signi�cant aggregate impact.

The remainder of the paper is structured as follows. Section 2 summarizes the ex-

isting literature on migrant selection. In Section 3 we outline theoretical framework

based on which we will perform our counterfactual exercise. In Section 4 we estimate

the degree of selectivity for Norway and Mexico. In Section 5 calibrate the model on

the economies of Norway, Mexico, and the US, and perform counterfactual simulations.

Section 6 concludes.

2 Self-selection: what does the literature say?

Since the seminal work of Borjas (1987), migrant self-selection has been a central topic

in the economics of migration. Borjas' theory shows that the selection of migrants is

driven by the di�erence in the wage distributions of the sending and receiving countries.

If the receiving country is more equal, it will receive predominantly migrants from the

bottom of the skill distribution, while it will attract migrants from the top of the skill

distribution if the wage distribution is more unequal than in the sending country.

Numerous scholars have since tested this idea empirically for a large number of coun-

tries. The most prominent case is US-Mexican migration. While earlier work shows

that Mexicans are neutrally selected from the middle of the skill distribution (Chiquiar

& Hanson, 2005; Ibarraran & Lubotsky, 2007; Orrenius & Zavodny, 2005), more recent

studies have challenged this view. With the availability of panel data that included in-

formation on pre-migration earnings, Fernández-Huertas Moraga (2011, 2013), Kaestner

& Malamud (2013) and Ambrosini & Peri (2012), among others, showed that Mexican

2 The selection literature is too vast to be summarized at this point, but we refer the interested reader
to Section 2 for a review of the literature.
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migrants were negatively selected from the population, a �nding consistent with ours.

A number of studies present historical evidence for the self-selection of migrants.

Abramitzky et al. (2012), for example, consider Norway in the late-19th century, showing

that migrants were negatively selected from rural areas and positively selected from urban

areas. Consistent with our �ndings, they show that the overall selection was mildly

positive. Baten & Stolz (2012) �nd evidence in favor of the Borjas model for a sample of

more than 50 countries in the 19th century. Collins & Wanamaker (2013) use matched

US census data to study the selection of African-Americans during the Great Migration

at the beginning of the 20th century, showing that migrants were positively selected.

Besides the selectivity of emigration, it is also interesting who stays in the source

country and who eventually returns home. Borjas & Bratsberg (1996) provide a theoret-

ical framework which shows that - depending on the skill premia in sending and receiving

countries - permanent migrants are either the best of the best, or the worst of the worst,

while return migrants are the intermediate case. Biavaschi (2013) considers outmigration

from the US for over 50 years in the middle of the 20th century, and shows that outmi-

grants have been negatively selected among all migrants, although the degree of selection

decreased over time.

While the literature by-and-large focuses on the selection according to skills, which

are either measured by education levels or wages, recent studies show that migrant se-

lection also occurs along other, potentially important dimensions. (Delaney et al., 2011)

shows that Irish migrants in the UK were negatively selected. (Umblijs, 2012) considers

risk-aversion, and shows that migrants are more risk-loving than non-migrants. We do

acknowledge that education and wage levels are an incomplete representation of a per-

son's actual skills. However, to make our results comparable with the previous literature,

we will focus on wages as a reduced-form representation of skills.

3 Migrant self-selection in a model with

heterogeneous workers

3.1 Basic model

To determine the aggregate impact of migrant self-selection on per-capita income and

income inequality, we rely on a general equilibrium model with heterogenous workers.

The model will allow us to simulate the e�ect of di�erent migration scenarios on the

sending and receiving countries. The model closely follows the work of Iranzo & Peri

7



(2009), who use a simpli�ed version of a model developed by Yeaple (2005) to study the

aggregate impacts of trade and migration in Eastern and Western Europe. As it is based

on heterogeneous workers, the model allows us to study the aggregate e�ects of changes

in the skill distribution, as well as its distributional consequences for di�erent types of

workers.

In this section, we outline the most important features of the model and give some

intuition for the likely e�ect of the self-selection of migrants. A full account of the model

can be found in Appendix (???). We consider each country in autarky, which means

that we assume that there are no trade �ows between countries. To make GDP and

wages comparable across countries, we account for di�erences in total factor productivity

(TFP), denoted by Λ.

Each country is populated with a continuum of workers with skills Z ∈ [0, 1] and

mass M . Skills are distributed according to the cumulative density function G(Z). The

economy consists of two sectors, X and Y . Sector Y can be understood as the more

traditional sector, requiring mostly manual-intensive and routine tasks. Sector X is the

modern sector, involving more complex tasks with higher skill requirements.

Sector Y is perfectly competitive, and produces a homogeneous good using a constant

returns to scale technology. Good Y is the numeraire. Sector X produces N varieties of a

di�erentiated good. There is free entry into sectorX, but new entrants have to pay a �xed

cost FX in the form of foregone output. The production technology in sector X exhibits

a higher degree of capital-skill complementarity, denoted by gX , than the technology in

sector Y , gY . In this setting, workers with higher skills Z have a comparative advantage

in sector X, and hence all workers above a threshold level Z̄ will sort into sector X, while

workers with skills below Z̄ will sort into sector Y .

A worker in each sector produces AY and AX units of goods Y and X, respectively,

with

AY (Z) = exp(gYZ) (1)

AX(Z) = exp(gXZ).

Workers are paid their marginal product, so that unit costs are equalized across all

skill levels Z within each sector. That is, the ratio of the wage W (Z) and worker

productivity,AY (Z) or AX(Z), is constant within each sector. The worker at the cut-

o� skill level Z̄ is indi�erent between working in both sectors, as she receives the same

8



wage in both WX(Z̄) = WY (Z̄). In equilibrium, the wage schedule is

W (Z) =

{
Λ exp(gYZ) 0 ≤ Z ≤ Z̄

ΛCX exp(gXZ) Z̄ ≤ Z ≤ 1
, (2)

with CX = exp(gY Z̄)/ exp(gXZ̄) < CY . Note that CY = PY = 1.

Figure 4 illustrates the wage schedule in equilibrium. Because sector X has a higher

degree of capital-skill complementarity, it exhibits higher returns to skill, which is why

the wage schedule is linear in Z, with a kink at the cuto� Z̄. The cuto� skill level Z̄ is

determined endogenously in equilibrium. The average nominal wage in equilibrium is

W̄ = Λ

(∫ Z̄

0

exp(gYZ)dG(Z) + CX

∫ 1

Z̄

exp(gXZ)dG(Z)

)
. (3)

To obtain real wages, W̄ has to be divided by the aggregate price index P =[
βθP 1−θ

X + (1− β)θ
] 1

1−θ , with PX = [

∫ N

0

p(i)1−σdi]
1

1−σ being the aggregate price index

for the di�erentiated good X.3

3.2 Introducing migration into the model

In this section, we explain how we model selective migration, and derive predictions of

the e�ect of a change in the skill composition of migration �ows on income per capita

and wage inequality.

To measure the aggregate impacts of migrant selection, we conduct a thought ex-

periment. We start with migration as observed, which means that a fraction α ∈ [0, 1]

with skill distribution GM(Z) have migrated from the source country to the destination

country. Initially, we take a snapshot of the economy given the observed stock of mi-

grants. This will serve as the benchmark. We then repatriate all αMS migrants with

skills GM(Z), which brings us back to autarky. Out of all the nationals of the source

country, we then send the same number of migrants as before, αMS, back to the destina-

tion country, but this time migrants are neutrally selected, which means that their skill

distribution is the same as the skill distribution of all nationals, GS(Z).

We speak of positive selection of migrants if migrants have on average a higher skill-

level than all nationals of the source country. Formally, this translates into �rst-order

3 β is the share of good X in the consumer's utility function, θ and σ are the elasticities of substitution
between goods X and Y and between N varieties of X, respectively. See Appendix (???) for a
derivation of the equilibrium conditions.
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Figure 4: Equilibrium wage schedule.

Note: See Iranzo & Peri (2009). The equilibrium wage schedule is the upper envelope of the wage

schedule in sectors Y and X. Workers self-select into both sectors according to the returns to skill. The

vertical axis denotes the log nominal wage in terms of the numeraire. The horizontal axis denotes the

skill level between zero and one.

stochastic dominance of GM(Z) vs GS(Z), which means that GM(Z) has a higher proba-

bility mass for each skill-level. Compared to all nationals of the source country, emigrants

are

positively selected if GM(Z) ≤ GS(Z) ∀Z
neutrally selected if GM(Z) = GS(Z) ∀Z
negatively selected if GM(Z) ≥ GS(Z) ∀Z.

To demonstrate how a change in the skill distribution of migrants a�ects source and

receiving countries, consider moving from a neutrally-selected to a negatively-selected

migration �ow. Figure 5 illustrates the e�ect on sectoral re-allocation the source country.

After workers that are on average less-skilled have left, the country has on average workers

with higher skills. This leads in equilibrium to a stronger concentration of high-skilled

workers in the X-sector, shifting the cuto�-level between Y and X to the right. Because

there are more high-skilled workers in sector X, nominal wages decrease. Note, however,

that the e�ect on real wages in sector X is ambiguous, because higher skill-levels in sector

X make �rms in this sector more productive, thereby reducing the overall price level. For

high-skilled workers, the change in real wages caused by selective migration depends on

the absolute magnitude of the change in nominal wages and prices. If both change by the
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same amount, the real wage e�ect is zero. In sector Y , nominal wages remain constant,

while real wages increase.

Figure 5: A rightward-shift in the skill distribution.

Note: This �gure illustrates the impact of a rightward-shift in the skill distribution the equilibrium wage

schedule. If workers become on average more skilled, the cuto� skill level Z̄ shifts to the right. In the

source country, such a shift occurs if migrants are negatively selected, while in the receiving country, it

occurs if migrants have on average a higher skill level than natives.

In the receiving country, the opposite happens. If immigration becomes more nega-

tively selected, the skill level of the average worker as well as the cuto� Z̄ shift to the

left, leading to a increase in nominal wages for workers in sector X, while the change in

real wages for workers in sector X is ambiguous.

Both the e�ect of migrant selection on real income per capita and real wage inequality

depends on the size of a number of parameters, as well as the degree of self-selection. In

the next section, we estimate the degree of self-selection for Norwegian migration to the

US in the 1880s, and Mexican migration to the US in 2000.

4 Estimating the degree of self-selection

To quantify the general equilibrium e�ects of di�erent selection patterns, several parame-

ters need to be obtained. Key to the analysis is the estimation of the skill distributions of

the migrants and of the population, that is, GM(Z) and GS(Z). The estimated densities

corresponding to these cumulative distributions were already shown in Figure 2. In this
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section we explain the steps used to recover these main quantities, while we postpone the

discussion of all the other parameters to Section XXX.

We use a simple metric to measure selection which examines the labor market out-

comes of the migrants prior migration (Fernández-Huertas Moraga, 2011; Ambrosini &

Peri, 2012). As mentioned earlier, the use of earnings as a measure of skill levels relies

on the positive relationship between skills and productivity. If migrants were positively

selected from the home population, we would expect their higher skill levels to trans-

late into higher earnings before migration. The opposite would be true in the presence

of negative selection. The advantage of this procedure is that it avoids more complex

exercises aiming at recovering counterfactual wage distributions for the two subgroups

such as those in Chiquiar & Hanson (2005) and Biavaschi (2012). However, results will

understate or overstate the level of selection if pre-migration earnings are correlated with

the migration decision. We will not be able to control for detailed labor market histories

of the migrants, hence we will implicitly assume the absence of a pre-migration dip in

earnings.

We calibrate the degree of migrant selection using Norway in the 1800s and Mexico

in the 2000s. Focusing on the U.S. as a major destination country, during the last 200

years there have been two major migration episodes. Figure ?? shows the importance of

such migration waves by measuring the stock of the foreign-born as a share of the U.S.

resident population. One of the largest migrant in�ow in history happened during the

so called period of mass migration, when more than 30 million people �ocked the U.S.

from northern Europe �rst, and southern and eastern Europe later; a second resurgence

of migration �ows happened in the late 1990s, when new waves of migration from Latin

America - and Mexico in particular - settled in the country. We have chosen Norway and

Mexico as two of the main source countries during these waves. Moreover, each of these

countries exhibits its own selection patterns making it interesting to compare the welfare

e�ects of these episodes.

There are speci�c empirical challenges that needs to be overcome to recover the

distributions of interest. Below we provide further details on the steps necessary to

recover our selection measures.

4.1 Norway

Jensen (1931) reports that while up to the 1860s Scandinavian emigration rates were

below the European average, the pattern reversed in later periods, with emigration sub-
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stantially exceeding European rates, up to 200-250% in the �ve-year period of 1875-1880.

Norway was driving this pattern. Figure 6 shows the share of emigrants over the to-

tal population in a �ve-year interval for the last 160 years. These emigration rates are

important and second only to Irish rates in the period, making the Norwegian case an

interesting one for our analysis.

Figure 6: Percentage of Emigrants in �ve-year intervals in the initial period total popu-
lation, Norway

Source: Norwegian Statistics.

Besides being relevant for the size of its migration �ows, Norway has (almost) com-

plete digitalized censuses allowing us to observe a large starting population. Our goal is

to look at the Norwegian population at one point in time and attach to each individual

an indicator of whether he will have migrated or not within a few years. To do that we

use two census sources. We �rst consider the 1880 U.S. Census, which is the only U.S.

Census that has been fully digitalized (Minnesota Population Center, 2008). Norway has

available a 100% Census in 1865 and a partially digitalized census in 1875.

We have decided to use the 1875 Census for several reasons. First, recalling that

we need individuals in the labor force before migration, the shorter time-span incurring

between the two Census enumerations gives us a larger sample size due to a less stringent

age-restriction: we keep all individuals 15-45 years old in 1875. Second, by focusing

on a shorter time span we are less concerned of selective mortality rates. Third, using

the 1875 Census we can compare our selection results with results in Abramitzky et al.
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(2012). These authors matched the population 3-15 years old in 1865 to the 1900 U.S. and

Norwegian Census. Hence, the selection patterns of our migrants 15-25 years old should

be similar to those found by these authors if selection has been relatively stable over time.

It should be noted that using the same sample of Abramitzky et al. is impossible for us,

as we need population working in 1865 and survival rates by 1900 are likely to be too low

as life expectancy was of about 50 years.

Data and Descriptive Statistics We start from the 1875 Norwegian Census

which includes a 100% sampling for all of northern Norway, large cities and scattered

municipality and a 2% sampling for the rest of the municipalities. There are 642,937

person records. We focus on individual 15-40 years old in 1875 and match them with

the Norwegian-born found in the 1880 U.S. Census. Over 95% of Norwegian emigration

settled in the U.S. hence these sources should capture completely the migration �ows and

their selection pattern during this time period (Jensen, 1931).

Our matching procedure is based on unique combination of name, surname and age.

We cannot use further matching criteria such as province of birth as this information is

not available in the U.S. Census. The matching procedure follows an iterative algorithm

that is now standard (Ferrie, 1996; Abramitzky et al., 2012).

• We identify 115,580 Norwegian men in the 1875 Census 15 to 40 years old of which

54,070 are unique by name and age combinations. We keep only the unique com-

binations of name and age. The are 36,540 Norwegian-born men in the 1880 U.S.

Census of age 20-45. Of these 19,179 have unique combination of name and age.

• We standardize all �rst and last names using the NYSIIS algorithm.

• We �rst match by name and exact age. If a unique match is found, the observation

is considered as matched. We then proceed by matching within a one year band

around the age. We delete duplicate matches, i.e. di�erent individuals in 1875

matched to the same individual in 1880 and multiple individuals in 1880 matched

to one individual in 1875. This procedure yields to a total sample of 2,238 migrant

and 51,102 non-migrants. The implied emigration rate is 4.20 %.4

Measuring selection in the early Censuses creates a further challenge: literacy, educa-

tion measures and wages are not available. It is therefore necessary to rely only on di�er-

4 This is about twice as large as the o�cial emigration rate from Norwegian Statistics. If there is a
concern in the matching procedure, this should be that some of the stayers wrongly appear to be
migrants.
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ences in the occupational distribution of migrants and stayers and assign mean earnings

by occupation. Reliance on mean earnings implies that selection can only be measured by

variation across occupations and not within occupations. For instance, negative selection

should be interpret as migrants holding lower skilled occupations, although it might well

be that within low skilled occupations they are the highest ability workers. We use the

crosswalk between HISCO occupations and mean earnings provided by Abramitzky et al.

The authors match income levels from Statistics Norway and other sources for 1900 and

estimate income for farmers, �shermen and white collar workers. The analysis is carried

only for those occupations for which an estimate of average earnings was available (about

70.53% of the sample) and laying within 2 standard deviations from the mean.

The individuals that are in Norway in 1875 and are found in the U.S. in 1880 are

considered to be migrants. Everybody else is de�ned as a non-migrant. The use of pre-

migration earnings as a measure of selection adds to the evidence in Abramitzky et al.,

who instead was based on a cross-country comparison of income for migrant and non-

migrant brothers. By matching the migrants only we avoid relying on a fully matched

sample that might be non-randomly selected due to the obvious challenges involving

historical record linkage. On the other hand, as we are not matching the stayers �ve

years later, this group might encompass migrants who we could not �nd in the U.S.

either because of limitations in the matching procedure or because of mortality. Mortality

within �ve years should play only a residual role. However, as an extra check, we will

report selection measures also focusing on 15-35 years old only. If there is measurement

error in the sample of stayers, our measures of selection will not be a�ected as long as

the non-matches exhibits characteristics similar to the matched migrants. The current

draft of the paper relies on this assumption, while future work will construct a a sample

where also the stayers are matched and compare the results.

Migrant Selection in Norway Table 4 shows the characteristics of migrants

and non-migrants before migration. Migrants have higher pre-migration income (0.06

log-points), are older, are more likely to reside in cities, and to have more than three

children.5

5
?? �nd that migrants are on average positivelyselected, although selection is small. Substantial
skill di�erences arise in their results when comparing urban and rural migrants. We have run
complementary OLS regressions and identi�ed the same pattern also in our dataset: migrants from
rural areas are positively selected, i.e. earn more than the non-migrants, while migrants in urban
areas seem to underperform the urban non-migrants. The positive selection of the rural migrants
reduces as further controls for province of residence are added, indicating that much of the selection
is driven by across-province di�erential selection. The negative selection from cities, on the other
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Our empirical exercise goes beyond the simple average di�erence between the groups

as we study self-selection as a change in the whole earnings distribution. We estimate

the earnings distribution for migrants and non-migrants in 1875 and compare them.

This provides a non-parametric measure of selection that is fully �exible and captures

the impact of self-selection beyond changes in means, on all moments of the earnings

distribution.

Figure ?? presented the kernel density estimate of migrants' and counterfactual earn-

ings. Figure 7 shows the estimates for GM(Z) and GS(Z), the cumulative earnings

distribution functions of the migrants and non-migrants population. GM(Z) dominates

GS(Z) although the di�erence (shown in �gure 7b) is rather small. Overall, this is an

indication of small positive selection. The second panel of Figure 7 shows the di�erence in

the skill distribution of the migrants and the skill distribution of the overall population,

hinting again to a mild mid-to-positive selection. The Kolmogorov-Smirnov test statistic

for equality in the migrant and population distribution gives a D-statistic of 0.0674 with

associated p-value of 0.000, indicating that the migrants' earnings di�er from those in

the overall population.

Table 6 shows the distribution of migrants by income decile and the counterfactual

that would have occurred if migrants were neutrally selected. The last column of the

table shows the di�erence between the actual and the counterfactual situations. These

are the parameters that will be used in the simulation of the model.

4.2 Mexico

As shown in Figure 2, a second large in�ux of migrants happened in the 1990s. During

this time period, not only immigrants per thousands of resident population reached levels

last seen in the 1920s, but within two decades, from 1980 to 2000, the share of Mexican-

born immigrants of the total foreign born doubled, making Mexico the top immigrant

sending country to the U.S. We therefore consider the selection of Mexican migrants to

the U.S. an interesting case study. The degree of selection of Mexican workers has long

been debated in the literature (Chiquiar & Hanson, 2005; Fernández-Huertas Moraga,

2011; Ambrosini & Peri, 2012), with the most recent studies �nding negative selection

(Fernández-Huertas Moraga, 2011; Ambrosini & Peri, 2012).

hand, persists in all regressions. These results are consistent with selection patterns in Abramitzky
et al., hence complementing their analysis. Results are available upon request.
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Data and Descriptive Statistics To recover the distributions of interest we

use the Mexican Family Life Survey (MxFLS). MxFLS is a longitudinal dataset which

collects information on socioeconomic indicators, demographics and health indicators of

about 8,000 Mexican households. MxFLS is the �rst Mexican survey with national repre-

sentation departing from a longitudinal design and is carried by the Instituto Nacional de

Estadistica Geogra�ca e Informatica (INEGI), the principal Mexican statistical agency.

The base-line (MxFLS-1) was conducted during 2002. The second wave of �eld work

(MxFLS-2) was conducted during 2005-2006 with a 90 per cent re-contacting rate at

household levels.

The interesting feature of the MxFLS is that it follows household members who

where surveyed for an original base-line, regardless of their decision to reside in Mexico

or in the United States. We are therefore able to identify all the relevant socio-economic

characteristics of the migrants, prior migration.

As in the Norwegian case, we identify Mexican stayers as individuals who are found

in Mexico in 2002 and in 2005. Note that this de�nition considers as Mexican stayers all

those individuals who moved to the U.S. and returned to Mexico by 2002. We de�ne to

be migrants those individuals who were in Mexico in 2002 and move to he U.S. in 2005.

The �nal dataset comprise all the 2002 data in which people who will migrate after 2002

are identi�ed.

As before, we keep only men, in working age (25 to 65 years old), whose information

on education and income is available in 2002. 6 and laying within two standard deviations

from the mean. The sample size is 4,778 men.

Migrant Selection in Mexico The second panel of Table 4 shows the character-

istics of migrants and non-migrants before migration in Mexico. Migrants seem negatively

selected, as indicated by the lower pre-migration income (0.41 log-points), younger age

and lower educational attainment. To further explore the relationship between earnings

and migration status, we run a simple OLS regression as done before, where we relate

log-earnings with migration status, education, a quadratic in age and controls for state of

residence. Table ?? reports the results. Negative selection persists also after controlling

for the usual characteristics. Furthermore, selection seem to occur not only in form of

lower average earnings, but also in the form of lower returns to education. Migrants earn

about 20 log points less than stayers prior migration. The strong and signi�cant pat-

tern of negative selection is not new to the literature (Fernández-Huertas Moraga, 2011;

6 About 0.45% of the sample has missing information for education and 0.30% for income.
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Ambrosini & Peri, 2012).

We continue as before by estimating the earnings distribution for migrants and non-

migrants in 2002 and compare them. Figure 8 represents the cumulative density func-

tions of migrants and non-migrants as well as the di�erence in the migrant and home

population skill distributions. Migrant earnings lay much to the left of the non-migrant

distribution (Figure 8a) and, consequently, the di�erence in skill between the migrant

and the home population shows a larger probability mass below mean average earnings

(Figure 8b). Hence, migrants are negatively selected compared to non-migrants and to

the overall population. The Kolmogorov-Smirnov test statistic for equality in the migrant

and counterfactual distribution gives a D-statistic of 0.1489 with associated p-value of

0.000, indicating that the migrants' earnings di�er from those in the overall population.

The second panel of Table 6 shows the distribution of migrants by income decile

and the counterfactual that would have occurred if migrants were neutrally selected. As

before, the last column of the table shows the di�erence between the actual and the

counterfactual situations. These are the parameters that will be used in the calibration

and indicate a substantial di�erence in the share of people below the median earnings

(-22%) if the migrants were neutrally selected.

4.3 U.S.

In our simulation exercise we calculate the e�ects of selection on both the source and

the receiving countries. To understand the aggregate e�ect on the U.S. economy, the

migrants need to be compared to the natives. In addition, we will simulate a scenario

where all Norwegians or Mexican migrants are assumed to exhibit the same selection

patterns of foreign-born individuals of all other nationalities residing in the U.S. To this

end, we need to obtain a non-parametric estimate of the earnings distribution for these

three groups in the U.S. in 1880 and in 2002.

The cumulative distributions are shown in Figure 9 and the associated deciles in

Table 7.

For the 1880 sample, the estimation is restricted to males 15-55 years old and the

income variable represents the mean occupational score according to the U.S. occupa-

tional distribution in 1950, which allows us to rank individuals by nativity status using a

consistent de�nition covering more than 200 occupations. Both the table and the �gure

show that Norwegian migrants were rather similar to the native population, while the

other migrants were better performing and much more positively selected.
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For the 2002 U.S. sample, we use the American Community Survey (ACS) of that

year. We focus on males, 25-65 years old, currently working and report the earnings

distribution for Mexican born, native and other migrant workers. As shown in Figure 9

and in the second panel of Table 7, Mexican workers are much more likely to be engaged

in low skilled jobs, compared to the natives and the other migrants. Natives and migrants

of other nationalities have very similar occupational distributions.

Using the distributions in Tables 6 and 7 and several other parameters explained

below, the next section will report the main results of the paper.

5 The aggregate impact of self-selection

We now turn to the aggregate e�ects of selective migration. In a counterfactual exercise,

we compare the real income per capita and real wage inequality under the observed

migration patterns with a scenario in which migration occurs at the same level, but

migrants have the same skills as all nationals of the source country. The di�erence

between baseline and counterfactual gives us the aggregate e�ect of migrant self-selection.

We conduct this thought experiment for two large migration episodes in the history of

the US, the migration of Norwegians in the late 19th century, and the recent migration

of Mexicans, and calculate aggregate e�ects for both source and receiving countries. In

addition, we calculate the aggregate e�ects for the US if all immigrants at a given period

were selected according to the same pattern as Norwegians and Mexicans.

As a �rst step, we calibrate the model outlined in Section 3 on the economies of

Norway and the US in 1880, and Mexico and the US in 2000. We then feed in the

estimated skill distributions of migrants and non-migrants from Section 4, and calculate

the di�erence in aggregate outcomes under di�erent migration regimes.

5.1 Calibration

To simulate the aggregate impact of selective migration within the theoretical model, the

structural parameters of the model need to be calibrated. We take most parameters from

the literature or calculate them from available data sources. For parameters that cannot

be estimated, we pick values so that the data generated by the model matches important

features of the data. Table 1 summarizes the calibration of the model parameters.

As in the theoretical model, sector Y is the traditional sector, with lower returns to

skill, while X is the sector with more complex production processes and higher returns
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Table 1: Parameters for calibration

Parameter Norway 1880 USA 1880 Mexico 2002 USA 2002

Returns to skill, sector Y gY 1 1 1 1

Returns to skill, sector X gX 1.15 1.13 2.02 1.68

Population: stayers/natives 1,819 50,000 101,826 244,000

Emigrants to US 183 10,017

Immigrant stock, all countries 1,414 26,588

TFP Λ 0.3195 1 0.286 1

Fixed cost in sector X FX 1550 96500 22 3

Common parameters

Preference share of X β 0.5

Elasticity of substitution X and Y θ 1.5

Elasticity of substitution, varieties of X σ 4

Other parameters

Employment share in sector Y 82.66 78.88 40.62 26.87

Share of immigrants in Y 79.62 59.99

Emigration rate in % 9.1 9.0

Immigration rate in % 0.4 4.1

Note: Population and migrant numbers in 1000s.

to skill. We divide the workforce in both sectors with respect to the complexity of tasks

in their occupation. This classi�cation is, of course, based on very di�erent tasks in 1880

and in 2000. In Appendix (???) we explain, which occupations fall into each sector. To

determine returns to skill for 1880, we follow (???) and take the income ratio between the

90th and the 50th percentile in each sector. For Mexico and the US in 2002, estimates

for returns to education in high- and low-skill occupations are available from Caselli &

Coleman (2006).

The population in Table 1 is measured as the number of non-migrants in the source

and the receiving countries. The migrant numbers are taken from the censuses of the

receiving countries. The sources are: for the number of natives and immigrants the US

census in 1880 and the American Community Survey (ACS) in 2002; for non-migrants

in Norway the Norwegian census in 1875, and for non-migrants in Mexico the OECD

population statistics in 2002.

TFP of the US is normalized to one. The TFP level for Norway is based onWilliamson

(1995), who estimated average real wages for a number of countries. For the di�erence

in TFP between Mexico and the US in 2002, we use the di�erences in labor productivity

levels provided by the OECD.

It is not possible to directly measure the �xed costs for entering the market for the

di�erentiated good X. We therefore pick a level of �xed costs so that the model matches
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the employment share in the data. Appendix (???) gives details about the calculation of

employment shares. The choices of β, θ and σ are the same as in Iranzo & Peri (2009).

Table 2 displays the initial outputs of the model under the observed selective migra-

tion. Both in 1880 and 2002 we standardized aggregate prices and income per capita

to the respective US value. For all four countries, the calibrated model replicates the

observed di�erences in average income per capita, as well as the basic wage distribution

reasonably well. The sending countries have higher aggregate prices, because prices are

measured in terms of the numeraire Y . As the sending countries have fewer workers in

sector X, the price of good X is higher, resulting in a higher overall price index.

Table 2: Initial values with observed (selective) migration

Norway 1880 USA 1880 Mexico 2002 USA 2002

Price index 1.049 1 2.375 1

Real income p.c. 0.312 1 0.129 1

Real wage q1 0.200 0.658 0.063 0.530

Real wage q2 0.248 0.884 0.077 0.655

Real wage q3 0.313 1.076 0.100 0.896

Real wage q4 0.372 1.226 0.151 1.225

Real wage q5 0.478 1.611 0.406 1.699

Gini 0.102 0.141 0.250 0.207

Employment Y in % 82.64 78.88 40.56 25.83

Share of immigrants in Y 79.62 59.99

Emigration rate in % 9.1 9.0

Immigration rate in % 0.4 4.1

Note: Both in 1880 and in 2002, prices and incomes are standardized to the US
price index and income per capita, respectively. Emigration rate is the number
of emigrants over the total population (stayers and emigrants). The immigration
rate is the number of immigrants from Norway and Mexico over the US native
population in the respective year.

5.2 Simulations

Based on the calibration shown in Table 1, we now simulate the changes in the skill

distribution of migrants, and calculate its e�ects on sending and receiving countries.

Before we turn to the interpretation of the results, let us �rst recall the predictions from

the theoretical model. For the receiving countries, a more positive selection of migrants

means a more skilled workforce, which shifts the cuto� skill-level between both sectors

to left, decreases nominal wages in sector X. For sending countries, a more positive

selection means the opposite, as the country is left with a less-skilled workforce. In both

cases, the e�ect on real wages, real income per capita, and real wage inequality is a priori

ambiguous and depends on the model parameters, such as country size, productivity,
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skill distribution, substitution elasticities between di�erent types of goods, and returns

to education in di�erent sectors. The same goes for the share of workers in both sectors.

While an increase in the skill levels shifts the cuto� skill-level between Y and X to the

right, this may not necessarily mean that sector Y will have a higher share of workers.

The magnitude of the aggregate e�ects will depend on the share of migrants, as

well as the degree of selection. If the share of migrants is low compared to a country's

population, the e�ects will be small regardless of the skill composition of the migrant

�ows. Given that in both cases, Norway and Mexico, people migrated from a smaller

to a larger country, the implied relative population changes are naturally larger in the

sending than in the receiving countries. As we can see in Table 1, the emigration of

183,000 Norwegians decreased the Norwegian population by 9%, while it only increased

the US population by 0.4%. Likewise, the emigration of 10 million Mexicans to the US

decreased the Mexican population by 9%; the increase in the US population was smaller,

but still amounted to 4.1%. From these di�erences in population changes, we can expect

the e�ects in the source countries to be larger than in the receiving countries.

Another determinant of the size of the e�ect will be the degree of migrant selection.

The e�ects will be small if the degree of selection is small, that is, if migrants have almost

the same characteristics as all nationals from the country of origin. As Figure 2 shows, the

degree of selection was a lot smaller in Norway in 1880 than in Mexico in 2002. Therefore,

we would expect larger e�ects for the Mexican case, even if all other parameters were the

same as in Norway in 1880.

While the magnitude of the e�ects will depend on the size of the emigration rate and

the degree of selection, the direction of the e�ect will depend on the nature of selection.

Compared to neutral selection, we expect positive selection to have a positive impact on

income per capita in the receiving country and negative e�ects in the source country. The

reason for this e�ect is that with positive selection the receiving country ends up with a

higher skill level, whereas the sending country loses a higher share of high-skilled workers.

The magnitude of these e�ects will depend on the parameterization of the model.

Table 3 depicts the gains and losses from selective migration, computed as the di�er-

ence between baseline and counterfactual, relative to the baseline values. For example,

the change in the price index in Norway in the �rst column means that because of se-

lective migration, prices in Norway in 1880 were 0.08% lower than they would otherwise

be.

The �rst two columns display the aggregate e�ects for the sending countries. For

Norway, which had a slight positive selection of emigrants, this selection decreased GDP
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Table 3: The gains and losses from migrant selection

Sending countries Receiving countries Receiving countries

Only immigrants NOR & MEX All immigrants

Norway 1880 Mexico 2002 USA 1880 USA 2002 USA 1880 USA 2002

Changes in %

Price index -0.080 -1.531 0.003 0.436 0.026 1.451

Real income p.c. -0.050 2.500 0.002 -0.917 0.014 -3.096

Changes in percentage points

Gini 0.015 -0.281 -0.000 0.022 -0.007 0.055

Employment Y -0.189 -0.179 0.009 -0.097 -0.075 -0.248

by 0.05%, while it increased the GINI index by 0.015 points. Prices decreased by 0.08%,

while the employment share in sector Y decreased by 0.19 percentage points. Overall the

e�ects are very small for Norway, owing to the low degree of selectivity.

The e�ects are considerably larger in Mexico in 2002. While migrant selection con-

tributed little to wage inequality and the sectoral distribution, it had a signi�cant impact

on the prices and real income per capita. Because the 10 million Mexicans who moved to

the US were less skilled than the average Mexican, Mexican prices are 1.5% lower, and

real incomes 2.5% higher.

The comparison between Mexico 2002 and Norway 1880 shows the importance of

the degree of selection for aggregate outcomes. From both countries the same share,

around 9% of the population, moved to the US. Yet, Norwegian migrants had almost the

same skills as those who stayed in Norway, whereas Mexican migrants had fundamentally

di�erent skills compared to stayers.

Columns (3) and (4) of Table 3 show the e�ects for the receiving countries. For the

US in 1880, the in�ow of 183,000 Norwegians only meant an incremental increase of the

population, so that the composition of these �ows had no impact on prices and incomes.

Matters are di�erent 120 years later. The fact that 10 million Mexicans coming to the

US were less-skilled than the average Mexican, has a noticeable e�ect on US income

per capita. The negative selection of Mexicans increases aggregate prices by 0.43%, and

decreases per capita income by almost 1%. These e�ects may not be large, but they

are also not negligible. If the US select better-skilled immigrants from the US, it could

increase its per capita GDP by almost 1%, without admitting a single additional migrant

to the country.

The relevance of selective migration is further highlighted in columns (5) and (6). In

these columns, we conduct the following thought experiment: suppose all immigrants that
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come to the US, had the skills of, respectively, Norwegians and Mexicans, what would be

the aggregate e�ects? Owing to the small degree of selection, the e�ects for the US in

1880 are still negligible, even though all immigrants taken together constitute a signi�cant

share of the population. If, however, all immigrants were selected like Mexicans, the

consequences for the US would be substantial. According to our model, prices would

increase by 1.45% and income per capita would decrease by 3%.

However, the results for the receiving countries have to be interpreted with caution.

In all speci�cations, we assume that migrants who were in the n-th decile of the skill

distribution in the sending country, end up in the n-th decile of the skill distribution in

the receiving country. Put di�erently, we assume that migrants and natives are perfect

substitutes. For Norwegians who moved to the US around 1880, this assumption seems

plausible. The shares of Norwegian immigrants and US natives in sector Y , displayed in

Table 1 are almost the same. Hence, the di�erence in income per capita between Norway

and the US in 1880 was mainly driven by TFP di�erences, but not in di�erences in human

capital. Mexicans in the US in 2002, however, are clearly not perfect substitutes with US

workers. Among US workers, only 26% work in sector Y , while 60% of Mexicans work

there. In a future draft, we will account for the discounting of immigrant skills in the

US.

6 Conclusion

Migrant self-selection � the extent to which people who migrate are di�erent from those

who don't � is a central issue in the study of migration. A large literature quanti�es

the degree of self-selection of migrants from source countries all over the world, and

investigates the determinants of why some people move and others don't. While the

scale and causes of self-selection have been well-documented, little is known about the

e�ects of migrant self-selection.

This paper quanti�es the aggregate impact of migrant self-selection on income per

capita, prices, and income inequality in both sending and receiving countries. For this

exercise, we use two mass migration episodes that occurred in di�erent times, but at

a similar scale: the migration of Norwegians to the US in 1880, and the migration of

Mexicans to the US in 2000. In both cases, emigration decreased the population of the

sending countries by 9%.

We �rst estimate the degree of self-selection for both countries, con�rming previous

�ndings from the literature that Norwegians were on average positively, and Mexicans
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negatively selected from the respective populations (Abramitzky et al., 2012; Fernández-

Huertas Moraga, 2011). To quantify the aggregate e�ect, we conduct the following

thought experiment: we send all immigrants back to their sending country, and replace

them by the same number drawn at random. Put di�erently, we compare aggregate

outcomes under the observed selective migration �ows with a counterfactual scenario, in

which migrants have the same characteristics as all nationals of the sending country. For

the simulations we use a general equilibrium model with heterogeneous workers, based on

the work by Iranzo & Peri (2009) and Yeaple (2005), which we calibrate on the economies

of Norway, Mexico, and the US in 1880 and 2002.

Our main �nding is that migrant self-selection can matter for real income per capita

and prices, but only if the share of migrants and the degree of selection are su�ciently

large. Norwegian migrants in the 1880s had very similar skills compared to non-migrants,

which leaves income per capita and prices in both Norway and the US una�ected. For

the Mexican migration episode, however, our model predicts sizable aggregate e�ects.

The negative self-selection of 10 million Mexicans decreases prices in Mexico by 1.5%

and increases real income per capita by 2.5%. In the US, the e�ects are smaller, but the

negative selection of Mexican immigrants still leaves Americans with 1% less in income

per capita than they would have if Mexicans were neutrally selected.

These �ndings can have important implications for migration policies. Given the

potential negative welfare e�ects of selective migration for receiving countries, it is not

surprising that many receiving countries try to set migration policies that in�uence the

selectivity of migration �ows, for example through point systems. The US-Mexican case

shows that selective immigration policy could in fact increase the welfare of US natives,

but this selective policy also creates a negative externality for the sending countries. In

particular, if people move from a smaller to a larger country, the welfare losses in the

sending countries will be larger than the gains in the receiving country, giving rise to a

serious coordination problem.

Besides that, the results should be interpreted with caution for at least two reasons.

First, our de�nition of skills focuses on wages, which we understand as a reduced-form

representation of human capital. Migrants may, however, di�er from non-migrants in

other respects that may not be captured by wage di�erences in the source country, but

that may unfold in the receiving country. Important di�erences could be health, en-

trepreneurial talent, risk aversion, which could give rise to a di�erent pattern of skill

selection, and translate into di�erent aggregate e�ects.

Also, our welfare calculations only measure a contemporaneous e�ect, and omit ex-

25



ternalities that may come into play in the long run, potentially only after one or more

generations. We may well be able to statistically quantify the degree of self-selection,

but our model cannot capture institutional responses, such as changes in the education

system, residential segregation, or other infrastructure.
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Table 4: Average Characteristics by
Migration Status, Norway 1875

Variable Non-Migrants Migrants

Norway

Log-Income 5.543 5.608

(0.512) (0.470)

Age 27.323 31.710

(7.471) (4.876)

Urban Residence 0.204 0.272

(0.403) (0.445)

More than 3 Children 0.091 0.132

(0.288) (0.339)

N 35782 1840

Mexico

Age 40.554 36.497

(10.048) (8.317)

Education 4.562 3.736

(2.333) (1.386)

Log-Income 10.195 9.779

(1.031) (1.317)

N 4,680 98

Standard deviations in parentheses.
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Table 5: OLS regression of Log-Income on Migration Status, Mex-
ico 2002

I II III IV

b/se b/se b/se b/se

Migrant �0.4780*** �0.2650*** �0.2239*** �0.4683***

(0.0016) (0.0015) (0.0015) (0.0047)

Age 0.0966*** 0.0913*** 0.0914***

(0.0001) (0.0001) (0.0001)

Age Squared �0.0011*** �0.0011*** �0.0011***

(0.0000) (0.0000) (0.0000)

Education 0.0568*** 0.0567***

(0.0002) (0.0002)

Years of Education x Migrant 0.0610***

(0.0011)

Controls No Yes Yes Yes

N 5061 5061 5061 5061 '

Robust standard errors in parenthesis.
All regressions have been weighted to account for the sampling procedures
Controls include a quadratic in age and state of redisence indicators
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Table 6: Income distribution by decile, Mi-
grants and Counterfactual

Decile Counterfactual Migrants Selection Measure

Norway, 1875

1 0.008 0.008 0.000

2 0.059 0.072 0.013

3 0.000 0.001 0.000

4 0.177 0.118 -0.059

5 0.034 0.028 -0.006

6 0.228 0.239 0.011

7 0.221 0.267 0.045

8 0.218 0.199 -0.019

9 0.035 0.044 0.009

10 0.019 0.025 0.006

Mexico, 2002

1 0.057 0.070 0.013

2 0.057 0.142 0.085

3 0.094 0.142 0.048

4 0.100 0.098 -0.002

5 0.138 0.217 0.079

6 0.118 0.075 -0.043

7 0.126 0.141 0.015

8 0.102 0.035 -0.067

9 0.123 0.055 -0.068

10 0.085 0.025 -0.060
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Table 7: Income distribution by
decile, U.S.

U.S., 1880

Decile Natives Norwegians Other Migrants

1 0.180 0.111 0.060

2 0.005 0.002 0.009

3 0.005 0.004 0.012

4 0.368 0.445 0.215

5 0.007 0.004 0.026

6 0.155 0.149 0.206

7 0.166 0.179 0.286

8 0.035 0.053 0.071

9 0.034 0.025 0.041

10 0.045 0.030 0.075

U.S., 2002

Decile Natives Mexicans Other Migrants

1 0.017 0.042 0.024

2 0.035 0.143 0.059

3 0.062 0.240 0.101

4 0.129 0.240 0.154

5 0.205 0.170 0.189

6 0.244 0.109 0.183

7 0.157 0.037 0.127

8 0.099 0.014 0.104

9 0.035 0.004 0.037

10 0.017 0.001 0.020
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(a) Cumulative Distribu-

tions for Migrants and

Non-Migrants

(b) Di�erence in Home Pop-

ulation and Migrants Distri-

butions

Figure 7: Migrants, Non-Migrants and Home Population Earnings Distributions, Norway
1975.
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(a) Cumulative Distribu-

tions for Migrants and

Non-Migrants

(b) Di�erence in Home Pop-

ulation and Migrants Distri-

butions

Figure 8: Migrants, Non-Migrants and Home Population Earnings Distributions� Mexico
2002.
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(a) Cumulative Distribu-

tions, U.S. 1880

(b) Cumulative Distribu-

tions, U.S. 2002

Figure 9: Migrants and Natives Cumulative Earnings Distributions in the U.S., 1875 and
2002.
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